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Abstract

We provide evidence that German savings banks, which are controlled by county-level politicians,

systematically adjust lending policies in response to local electoral cycles. The different timing of

county elections across states and the existence of a comparable group of cooperative banks – that

are very similar to savings banks but lack their political connectedness – allow for identification of

the effects of county elections on savings-bank lending. These effects are economically meaningful

and very robust to various specifications. We find that election-induced lending negatively impacts

savings-bank profitability and is associated with an increase in credit defaults roughly three years

after an election. Examining the political-economy aspects of our findings, we provide evidence

that savings-bank excess lending and public spending at the county level are substitute levers for

county politicians. Finally, we find indications that subpar pre-election economic county perfor-

mance, hurts re-election prospects and increases the intensity of lending cycles.
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1 Introduction

Government control over enterprises is widespread across the world. While the early literature, fol-

lowing Atkinson and Stiglitz (1980), argues that state ownership is a second-best optimal policy to

overcome market failure, more recent contributions, following Shleifer and Vishny (1994), oppose this

view: This strand of the literature asserts that politicians use these firms to extract private rents for

themselves or their supporters, thereby creating rather than eliminating social inefficiencies. Govern-

ment control is particularly prominent in the banking sector whose role in the recent financial crises

has become the subject of increased scrutiny (see for example Schwartz, 2009). Hence, it is important

to understand the consequences of government control over financial institutions.

There is already evidence for rent extraction in the public-banking sector (see La Porta et al., 2002;

Sapienza, 2004; Dinç, 2005; Khwaja and Mian, 2005; Cole, 2009; Carvalho, 2014) but it is restricted

to developing and emerging countries with notoriously weak institutions. In this paper, we present ev-

idence for substantial distortions in the lending behavior of government-controlled banks in a highly

developed country with a reputation for efficient institutions1: We show that lending policies of Ger-

man savings banks closely track the local electoral cycle. Considering that savings banks constitute an

important pillar of the German banking system and that they are the main lender to private customers

and small-to-medium-sized businesses (SMEs), it is worrisome to find their policies substantially dis-

torted.2

We sketch a stylized model to motivate our main hypothesis that local savings banks serve the

interests of county-level politicians who push for more lavish pre-election lending in hopes of boosting

economic conditions, the mood of the electorate, and, ultimately, their re-election prospects.3 This

model also predicts that the electoral lending cycle should be more pronounced in counties with

high levels of current electoral contestedness because the value of additional votes is greater when

the incumbent’s expected vote share is close to the winning threshold. Finally, the model also posits

that the marginally granted loans during election campaigns will be of worse quality with respect to

profitability and expected default rates.

1While there are various ways to measure the quality of institutions, the Transparency International Corruption Index is

a very prominent example. In this index that has been published since 1995, Germany generally ranked between 8 and 15,

i.e., in the least corrupt decile of this measure (see: http://www.transparency.org).
2In 2011, the more than 400 German savings banks employed 245,969 people and controlled total assets of EUR 1,098

billion. In the EUR 228.2 billion consumer credit market, the 25% market share of savings banks is comparable to a 23%

share of cooperative banks and much larger than the 7% share of all major commercial banks, such as Deutsche Bank or

Commerzbank. In the substantially larger market for corporate loans (including credit to the self-employed), which totaled

EUR 1,356 billion, savings banks had a market share of 24%, whereas cooperative banks held 15%, and all large commercial

banks 13% of the market. Apart from these aggregate numbers, some savings banks are also of impressive size individually.

For instance, in 2011 Stadtsparkasse Munich extended credit of EUR 9.6 billion. (All numbers taken from the 2011 financial

report of the German federal savings bank association.)
3Peltzman (1987) and Wolfers (2007) document that economic conditions are important for re-election prospects and

Smart and Sturm (2007) provide evidence that politicians react to re-election incentives.
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The political tinkering that we document is possible due to a specific institutional feature of the

German banking sector: For historical reasons, and with very few exceptions, each German county is

matched with one savings bank that is effectively controlled by county politicians. In particular, the lat-

ter are assigned to key supervision functions within the bank’s management that also deal with credit

decisions. The identification of electoral effects is greatly facilitated by a high degree of variation in

electoral timing: County elections in Germany are synchronized at the state level but not across states

and in general are held in different years than state elections. In addition, German cooperative banks

– which have the same regional organization and a similar business model as savings banks, but are

not politically controlled – are a well-suited comparison group. Hence, we are able to exploit both

intertemporal variation, as banks are repeatedly treated with an election over the course of time, and

cross-sectional variation, as in any given year some banks are treated and others are not. Economet-

rically, we conduct difference-in-difference (DD) estimation embedded in a fixed-effects panel setup.4

Our rich, in large parts hand-collected, data combines unusually comprehensive bank data (both with

respect to its cross-section and time-series dimensions) with detailed information on German county

elections that has, thus far, not been available for research.

In our main empirical specification, we regress the log of loans normalized by bank assets on fixed

effects for states, years, bank types and individual banks. The variable of interest is a county-election

indicator that we interact with the bank-type fixed effect and that estimates the electoral effect on

savings-banks lending. Moreover we control for bank and county characteristics where we include

quartile indicators for bank size, capital ratio, GDP, GDP growth, population, and population growth.

Standard-error clustering is done at the highest level of variation, namely the state level. Additionally,

we perform extensive robustness analysis to make sure that our results are not spuriously driven

by our specification choices: We allow for alternative degrees of fixed-effects saturation, alternative

control variables (addressing the potential problem of bad control), alternative modes of statistical

inference (correcting for the low number of regional clusters), alternative definitions of variables, and

alternative sample compositions (systematically excluding different subsets of years, banks, states, or

even restricting the sample to “state-border counties”).

In all specifications, we find our main hypothesis validated. There is a lending cycle with increased

savings-bank lending prior to county elections. Their aggregate credit stock systematically increases

by roughly 1.5%, corresponding to an average of EUR 30 million per bank, in the run-up to county

elections.5 We demonstrate that these increases in lending do not seem to be demand-driven, as they

do neither occur prior to state elections (where standard political-business-cycle policies might be in

place and spur credit demand) nor for cooperative banks (that should be similarly affected by any

increase in credit demand).

4Behn et al. (2014) employ a similar identification strategy and analyze decisions on capital injection by municipalities.

They find that the probability of a municipality injecting money into “its” savings bank is about 30 percent lower in the year

before compared to the years after an election. They document that strong competition in the electoral process reduces the

probability of a public bailout by 15 percent.
5These numbers are based on our main empirical specification (see Section 5.2).
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Our detailed data allow us to study the role of political competition in determining the size of

electoral distortions. We show that excess election lending is particularly pronounced in counties that

face a contested upcoming election (enhancing the incentive to distort lending). This suggests that

not only potential political competition per se – guaranteed by a strong institutional environment –

but also the intensity of actual electoral competition is decisive in determining the scope of political

rent-extraction. The main alternative theory to explain our findings is based on Alesina and Tabellini

(1990) and argues that partisan politicians hand out favors to their supporters just before they lose

an election as they would be unable to do so after a defeat. We discriminate between our hypothesis

and the strategic-spending explanation by Alesina and Tabellini (1990) by conditioning our results on

whether the incumbent party won or lost the election. For all non-contested elections that were clearly

won by the opposition party, Alesina and Tabellini’s model would predict a pronounced election effect

for these elections, since they should create incentives for incumbents to hand out gifts to their allies

on their way out. However, we do not find a significant effect on lending for these elections, which is

consistent with our interpretation where politicians resort to savings banks when having to fight for

political survival.

With respect to the consequences of election-induced lending we provide evidence for real eco-

nomic costs of distorted bank policies: While savings-bank profitability is immediately depressed

around election years, credit-default rates increase roughly three years after the election took place.

These adverse consequences are much more pronounced if the respective election is contested (i.e., if

the distortion in lending is particularly strong).

From a policy-instrument perspective, it appears that public spending and loans are substitute

levers, suggesting that county politicians tend to use either one of the two more intensively. This is in

line with incumbents forming (situation-specific) preferences over which policy instruments to employ

to secure re-election. If we had found the two levers to be complements, a simple explanation of our

findings would have been that county governments simply finance their discretionary fiscal policies

via loans from the local savings banks. This does not seem to be the case.

Finally, we document the role of past economic county performance in shaping the political mech-

anism behind electoral lending cycles. We find that subpar pre-election county performance, in par-

ticular with respect to local unemployment and GDP, hurts re-election prospects and increases the

intensity of lending cycles.

Our paper relates to several literatures. The first is the theory of (opportunistic) political business

cycles pioneered by Nordhaus (1975) and MacRae (1977), which describes politicians’ incentives to

enact expansionary fiscal policies shortly before elections to boost their own popularity, only to offset

them with contractionary policies afterwards. This theory has received empirical support in numerous

studies (see, e.g., Alesina et al., 1997; Akhmedov and Zhuravskaya, 2004; Mitchell and Willett, 2006;

Bertrand et al., 2007; and Schneider, 2010).

A more immediate connection exists to a strand of the finance literature that documents distor-

tions in the behavior of government-controlled banks. Rather than directly implementing policies that
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further their interests, politicians use financial institutions as a vehicle to this end. La Porta et al.

(2002) find that government ownership of banks is most prominent in low-income countries with

underdeveloped financial systems, generally inefficient governments, and poor protection of property

rights. Moreover, government ownership of banks is associated with lower growth of per-capita in-

come. Sapienza (2004) studies the effects of government ownership on bank lending in Italy and

shows that, controlling for firm characteristics, state-owned banks charge lower interest rates than pri-

vate banks. Furthermore, the effect on interest rates is more pronounced if the political party affiliated

with a given firm is stronger in the area in which the firm is borrowing. Similarly, Khwaja and Mian

(2005) find that politically connected firms in Pakistan have easier access to credit from government

banks. Dinç (2005) shows that the lending behavior of public banks in developing countries depends

on the timing of elections. Cole (2009) finds that lending for agricultural loans by government-owned

banks in India is related to the electoral cycle, and that the largest increases in lending occur in

counties in which elections are close. Carvalho (2014) documents that Brazilian firms eligible for

government-bank lending expand employment in politically contested regions prior to elections by

shifting employment from other regions. Yet, given that all of this affirmative evidence is limited to

countries with weak institutional environments, this paper is the first to provide evidence for distorted

lending policies in a country that is often cited as an epitome of political efficiency.6 Vins (2008) is

closest to our study as he documents various indications for political influence on the behavior of

German savings banks. Using data from 1994 to 2006, he finds that savings banks tend to postpone

branch closures and lay-offs of employees until after elections. At the same time, they increase their

spending to support local social and cultural events before elections. Vins also provides suggestive

evidence that coincides with one of our results, namely that the volume of lending increases prior to

elections, and we view his results as strongly complementing our study. Methodologically, we invoke a

more refined econometric approach, use a longer sample, and compare the behavior of savings banks

to that of cooperative banks.

The remainder of this paper is organized as follows: The institutional background is described in

Section 2. Section 3 presents a simple model sketch and derives our testable predictions as well as

more open-ended research questions. Section 4 discusses merits and limitations of our data while the

identification strategy and methodological issues are presented in Section 5. Section 6 contains the

empirical results, and Section 7 reports robustness tests. Section 8 concludes.

2 Institutional background

This section provides the institutional details relevant for evaluating the identification strategy. We lay

out the case for why savings banks are a prime example of politically controlled firms, why cooperative

6In fact, Dinç (2005) fails to find an electoral effect on lending in developed economies. The discrepancy between our

results and those of Dinç is likely explained by our focus on county (instead of general) elections, reflecting that in the

German case, political influence on banks is at the county level and not the federal level.
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banks are comparable to them, and how the German electoral system allows to cleanly estimate effects

of county elections on bank lending.

2.1 The German electoral system

Germany has a federal system with three layers of government: the federal state, the 16 states (Bun-

desländer), and 399 counties (consisting of 292 rural counties (Landkreise) and 107 urban municipal-

ities (Kreisfreie Städte)). Henceforth we are referring to all of these local entities as “counties”. Each

layer has specific powers and responsibilities as well as separate legislative bodies, which are elected

in regular intervals: every four years at the federal level, every four to five years at the state level and

every four to six years at the county level. Since control over savings banks is exerted by county-level

governments (see Section 2.2 below), we focus on the latter class of elections.

Each county has its own legislative body. While elections of these local parliaments are synchro-

nized at the state level, they provide a great deal of variation in electoral timing across states. For

one, county-election dates generally deviate from dates of federal or state elections, i.e., as a rule they

are not held in the same year. Moreover, county-election dates differ across states, neatly dispersing

electoral events over several years. Variation is further increased by the fact that the intervals between

elections are not the same for all states: While in most cases elections are held every five years, leg-

islative periods are shorter for Bremen and Hamburg (four years) and longer for Bavaria (six years).

In addition, the electoral laws of Berlin and Schleswig-Holstein saw a change in the early 1990s, re-

placing a four-year with a five-year interval. In all states the electoral system is one of proportional

representation with a minimum-vote-share requirement.

2.2 The German banking system

The German banking system consists of three pillars (Drei-Säulen-Modell): private banks, savings

banks (Sparkassen), and cooperative banks (Genossenschaftsbanken). Whereas private banks are best

described as profit-maximizing firms, savings banks and cooperative banks are legally bound to also

pursue welfare-enhancing policies, in particular within the region they operate in. According to the

German Central Bank (Deutsche Bundesbank), in 2011 there were roughly 1,100 cooperative banks,

426 savings banks and 218 private banks operating in Germany. Because savings banks and cooper-

ative banks are the focus of our empirical analysis, these two bank types will be described in more

detail.

Savings banks

As of 2011, German savings banks held combined assets of well over EUR one trillion, of which EUR

677 billion represent lending to the private sector. This translates into market shares of 24% and

25% of all lending to businesses and private households, respectively.7 Much like the German govern-

7All numbers taken from the 2011 financial report of the German federal savings bank association
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ment system, the structure of the German savings-bank sector is one of three levels: At the county

level there are the individual savings banks. At the state level there are associations (Sparkassen- und

Giroverbände) to realize economies of scale for operative tasks. At the federal level, a further associ-

ation (Deutscher Sparkassen- und Giroverband (DSGV)) is primarily responsible for representing the

interests of savings banks towards the federal government and international institutions. All relevant

decisions regarding the business policies of an individual savings bank are autonomously taken at the

local level. Due to their local structure, and imposed by law, the savings-bank operations have a strong

focus on the region they operate in (Regionalprinzip). Their main clientele are private customers and

local businesses. In particular, savings banks are the main creditor for SMEs – the so-called Mittelstand

– that are traditionally considered the backbone of the German economy.8

The first “modern” savings banks in Germany were founded by local governments in the late

18th century in Northern Germany. Initially, the number of savings banks increased from 300 (in

1836) to more than 3,000 (in 1913). Gradually, this number was reduced when for efficiency reasons

neighboring local institutions merged (for more details see Guinnane, 2002). Today there exist 426

savings banks, essentially matching each county with one savings bank.9

Given this historic origin, county governments still hold significant sway over the management

of savings banks, in particular their lending activities:10 Counties have the formal right to send rep-

resentatives into the board of directors (Sparkassenverwaltungsrat) and the central credit committee

(Kreditausschuss) of the respective savings bank. As a result, their members are to a large degree com-

posed of county-parliament members, roughly reflecting the relative political powers in the county. On

top of that, the chairmen of both chambers is, as a rule, the political representative of the respective

county.11

By law, the directors are not bound by an imperative mandate but are supposed to only consider

the greater good of the savings bank. While this form of political representation may plausibly foster

the creation of informal but meaningful ties between policymakers and bank executives, some of the

leverage is even of statutory nature: Besides having general authority to establish guidelines, board

members have substantial influence over credit decisions that exceed the authority of the savings

bank’s management, as the board of directors or the central credit committee have to vote on credits

that are either large in size or considered rather risky (see Schlierbach, 2003 and Güde, 1995).

8According to the German Institute of SME Research (Institut für Mittelstandsforschung Bonn), roughly 38% of the entire

German business volume is generated by SMEs and they employ almost two thirds of the German work force.
9A slight mismatch between the number of counties and the number of savings banks is explained by temporally imperfect

synchronization of county mergers and of savings-bank mergers.
10An additional reason for close governmental control lies in the fact that German law installs public-guarantee obligation

(Gewährträgerhaftung) for public institutions. This rule provides that the creditor is going to be reimbursed by the govern-

ment in case the public institution is not able to live up to its contractual obligations. Having been founded by the respective

counties, German savings banks were considered public institutions, and were covered by a municipal public-guarantee

obligation. The European Court of Justice deemed this an obstacle to competition in retail banking and savings banks were

exempt from public-guarantee obligation as of July 19, 2005. See Gropp et al. (2014) or Fischer et al. (2011) for studies on

the effect of this decision on the risk taking of savings banks and Landesbanks, respectively.
11See also Behn et al. (2014) for a discussion of the role and composition of these boards.
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Cooperative banks

The first cooperative banks in Germany were founded in the middle of the 19th century. They are

organized as cooperatives, making each customer also a “member” of the bank. Much like savings

banks, they are locally organized, with one to three cooperative banks in every county. Their main

clientele are private customers and local businesses.

Most local cooperative banks are organized in a federal association of cooperative banks (Bun-

desverband der Deutschen Volksbanken und Raiffeisenbanken). Cooperative banks are not covered by

the public-guarantee obligation but their federal association provides an insurance fund to provide

deposit guarantees. Since cooperative banks are independent from governmental institutions and are

not protected by public guarantees, politicians have no formal way to influence the business policies

of cooperative banks.

Cooperative banks are well comparable to savings banks as they have a similar regional structure,

cater to a comparable clientele, and have an almost identical business model (Engerer, 2006 and

Hakenes and Schnabel, 2006)12 – but they are exempt from the direct control county politicians hold

over the business policies of savings banks.

Note that, in stark contrast to this, private banks differ greatly from savings banks, rendering them

an unsuitable comparison group. First, their business model solely focuses on profit-maximization and

is unrestricted by welfare considerations. Second, their outreach is usually not confined to a specific

region. Third, their client structure is much less rooted in private households and small firms. Fourth,

and most importantly from a practical point of view, their spatial representation does not consist of

independent regional units but of mere branches that are legally part of operational headquarters and

for which no disaggregated data is available to researchers.

3 Testable predictions and research questions

The main hypothesis this paper seeks to test is whether local savings banks expand lending in the

run-up to elections. County politicians would want to induce banks to do so in hope of improving

their re-election prospects. As described in Section 2, the institutional environment creates the ability

to influence lending since it installs county politicians as members and even chairs of the board of

directors of savings banks. Given this board’s substantial authority that goes much beyond rubber-

stamping decisions made by the bank’s management, politicians have an immediate path to affecting

the lending activities of their local savings bank.

Besides this general opportunity, there is also an incentive for county policymakers to artificially

expand lending in their electoral districts: As established in the literature (see, for example, Smart

12Comparing the regulating laws (our translation) describing the purposes of cooperative banks (here for Volksbanken)

and savings banks (here for Baden-Württemberg) highlights that they share basically the same objectives:

§1(1) Genossenschaftsgesetz: “[...] to foster the income or the enterprise of the members [...]”

§6(1) Sparkassengesetz Baden-Württemberg: “[...] to ensure the provision with money and credit in their region in particular

for SMEs [...]”
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and Sturm, 2007, politicians care about re-election, and (perceived) economic conditions are an im-

portant determinant for the prospects of winning another term (see Peltzman, 1987; Wolfers, 2007;

and our own results in Section 6). Pushing for more generous lending policies is one channel through

which politicians can spur the local economy: Constituents will be more satisfied when they are not

troubled by credit rationing and loans to SMEs may be paramount for the creation or preservation

of employment in the county. Also not directly affected voters interpret, ceteris paribus, better eco-

nomic conditions as indicative for better economic policies implemented by incumbent politicians.

The legally mandated regional focus of savings banks helps county politicians to target the benefits of

these policies as borrowers will almost certainly live – and vote – in the region.

The following model sketch captures these ideas and serves to generate our testable predictions.

Consider a set of myopic voters who, following Nordhaus (1975), base their voting decision on ob-

served economic performance: If and only if the observed economic fundamentals (e.g., GDP, unem-

ployment) in the county are weakly better than expected, they will vote for the incumbent.13 Moreover,

voters are assumed to have short-lived memories, which make them only consider the economic situa-

tion directly before the election when evaluating the performance of the incumbent.14

We assume that politicians are, in principle, benevolent social planners who do not primarily seek

to distort efficient lending policies. Rather, they maximize social welfare by balancing the interests of

public savings banks, of voters, and of themselves. However, by assuming that there are rents from

holding office, politicians have an incentive to increase their vote share in election periods. One way

of achieving this is by improving (the perception of) economic performance right before the election.

We assume that increased credit supply is one way of lifting local economic conditions. Consequently,

we model the politician’s utility function, UPol , as

UPol =ψ(Lt)+ ELECC
t ·φ(ξ(ψ(Lt)))+ΠSB(Lt)−κSB(Lt), (1)

where ψ(Lt) is the economic performance in the county at time t, which can be improved by increased

lending (ψ′(Lt) > 0). ξ(·) is the incumbent’s expected vote share, which is positively affected by

economic conditions (ξ′(ψ) > 0). φ(·) is the politician’s utility from the expected vote share, which

is assumed to be strictly increasing but non-linear in the vote share and particularly steep around the

winning threshold because winning additional votes is obviously most valuable when an election is

closely contested. A possible functional form for φ(ξ) is displayed in Figure 1. ELECC
t is an indicator

variable that only turns on during county-election seasons. ΠSB(Lt)−κSB(Lt) denotes the net profits

of publicly controlled savings banks. Finally, we assume convex bank lending costs (κ′′SB(Lt) > 0)

that reflect a pecking order of successful loan requests where the most promising applications are

granted first. This implies that, ceteris paribus, the quality (regarding profitability and default risks)

of marginally approved loans decreases with the overall number of extended credit contracts.

13Note that following Persson and Tabellini (2002) this assumption can be relaxed by invoking somewhat more intricate

signal jamming arguments.
14Again, this can be easily relaxed, as long as the current situation gets a stronger weight in the voter decision.
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Figure 1. Functional form of φ(ξ)
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It is useful to characterize a few benchmark results: A profit-maximizing savings bank would

choose optimal lending such that marginal net profits equal zero:

Π′SB(Lt)−κ′SB(Lt)= 0. (2)

A social planner who ignores the rents from holding office would maximize USoc =ψ(Lt)+ΠSB(Lt)−

κSB(Lt) and set Lt such that

Π′SB(Lt)−κ′SB(Lt)=−ψ′(Lt)< 0. (3)

Note that the right-hand side is negative which implies that even a social planner distorts the bank’s

loan policies away from pure profit maximization to “excessive” (leading to negative NPV at the mar-

gin) lending in order to generally create more favorable economic conditions.15

Now consider the solution to the decision problem of a rent-seeking politician when choosing L∗t :

The first-order condition for (1) is given by:

Π′SB(Lt)−κ′SB(Lt)=−ψ′(Lt)− ELECC
t ·φ

′(ξ) · ξ′(ψ) ·ψ′(Lt)< 0. (4)

In non-election periods, ELECC
t = 0 and the politician implements the social-planner benchmark as in

(3). In election periods, ELECC
t = 1 and the right-hand side of (4) becomes even more negative with

−ψ′(Lt)−φ′(ξ) · ξ′(ψ) ·ψ′(Lt) < −ψ′(Lt) < 0, further increasing the distortion in lending from the

bank’s perspective. This implies our first prediction that L∗t varies over time with lending picking up

when the incumbent politician faces re-election.
15Consistent with this implication of our model are the findings by, among others, Iannotta et al. (2007) that savings

banks are less profitable than private banks and that the average loan quality of public-sector banks is poorer than that of

other types of banks.
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Prediction 1 In the run-up to county elections, local savings banks systematically increase lending. This

increase in lending is short-lived and vanishes after the election.

Note that while we expect the spike in lending to be concentrated to election periods, it remains an

empirical question how far in advance of the election credit supply will have to increase to practically

influence voters. Given that the positive impact of lending may take some time to be effective, it is

possible that credit supply will already expand in the pre-election year, especially if the election falls on

an early date within a given year. Similarly, it is not entirely clear ex-ante if lending will simply return

to its steady state or if savings banks will have to compensate for especially lavish election-induced

lending with overly prudent credit supply in the aftermath of elections.

There are two useful placebo tests that can be performed in the context of Prediction 1: First, lend-

ing increases should be exclusive to savings banks whereas cooperative banks that are not politically

influenced should not be affected, since they are free to set Π′CB(Lt)−κ′CB(Lt)= 0 (with CB denoting

cooperative banks), irrespective of the electoral calendar. Second, excess lending should not occur in

the run-up to state elections because these do not pose the risk for county politicians of being voted out

of office. Formally, as long as ELECC
t = 0, the relevant first-order condition is given by (3), irrespective

of the value of the state-election indicator ELECS
t .16 These two placebo tests allow to distinguish polit-

ically motivated lending from an increase in credit demand in response to economic growth around

election years, caused, for example, by traditional political spending cycles. Such expansionary poli-

cies should equally affect cooperative-bank lending and should also be present for elections of higher

levels of government. Given that German states control a substantially larger share of public spending

than German counties (in 2011, EUR 319 billion vs. EUR 195 billion), the absence of a state-election

effect would strengthen the case that any documented credit expansions prior to county elections are

not simply demand-driven.

For our second prediction, reconsider the politician’s first-order condition (4): The absolute size

of the right-hand side increases with the slope of the φ(ξ) function that maps the value of additional

votes from the incumbent’s perspective. Given that φ′(ξ) is assumed to be largest around the winning

threshold, election-induced excess lending should be more pronounced if the incumbent is in an active

struggle for re-election.

Prediction 2 The electoral lending cycle is stronger in counties with high levels of current electoral

competition.

Our third prediction is driven by the assumption about the pecking order by which banks evaluate

loan applications, with better applications being granted first. Rearranging the politician’s first-order

condition (4) such that it equates the marginal benefits (on the left-hand side) with the marginal costs

(on the right-hand side) of lending, we get

Π′SB(Lt)+ψ
′(Lt)+ ELECC

t ·φ
′(ξ) · ξ′(ψ) ·ψ′(Lt)= κ

′
SB(Lt). (5)

16Recall that only county politicians (as opposed to state politicians) are granted institutional control over local savings

banks.

10



It immediately follows that the marginal costs of lending (represented by reduced profitability and

higher default rates) should increase with the extent of the election-induced distortion.

Prediction 3 The economic performance of election-induced, extra-marginal savings-bank lending de-

creases with the extent of the election-induced distortion.

Aside from these three predictions, we explore two additional, more open-ended research ques-

tions. The first addresses whether, from a policy-lever perspective, savings-bank lending and county

public spending are substitutes – which would be in line with incumbents forming (situation-specific)

preferences over which policy instruments to use to boost their popularity – or complements – which

would, for instance, be in line with savings banks directly lending to local governments to finance

discretionary policies. The second research question assesses the role of past economic county per-

formance in shaping the political mechanism behind electoral lending cycles. Of particular interest is

in what way subpar pre-election fundamentals affect electoral outcomes and the intensity of lending

cycles.

4 Data

We use a novel, in large parts hand-collected, dataset that combines information from multiple sources.

The observational units are savings banks and cooperative banks in Germany. This bank data is merged

with information on county and state elections as well as with macroeconomic and demographic data

at the county level. Overall, our working sample includes data for 1,735 banks that operated in 14 out

of 16 German states, during the years between 1987 and 2009.17

4.1 Bank data

The source of our bank data is Hoppenstedt, a business data provider that hosts the largest commer-

cial database for balance sheets and annual reports in Germany. The main advantage of Hoppenstedt,

compared to similar commercial databases such as Bankscope, are the ample dimensions (both cross-

sectionally and intertemporally) the sample provides: It covers virtually all savings banks and a large

fraction of cooperative banks that operated in Germany between 1987 and 2009.18 The data covers

a total of 530 savings banks (8,729 bank-year observations) and 1,205 cooperative banks (10,213

bank-year observations).19 Note that these numbers include a sizable number of banks that exited or

entered the sample due to bank mergers. The average time savings banks remain in the sample is 17

17We leave out the former GDR states of Saxony and Saxony-Anhalt which experienced multiple territorial reforms that

radically altered the composition of electoral districts. See Section 4.2 below for details.
18We ran several internal consistency checks to ensure that the Hoppenstedt data are of comparable quality to that of

Bankscope.
19Eight savings banks in our sample – the so-called Freie Sparkassen – are incorporated and do not grant politicians access

to their governing boards. They are treated as cooperative banks in the main specification. Robustness analysis not presented

here, shows that none of our results is driven by this recoding.
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years, whereas the average cooperative bank is only observable for roughly nine consecutive years.

This reflects that our panel is considerably less balanced for cooperative banks, as a large fraction is

only covered by the sample since the early 2000s. To ensure that the results are not driven by these

sample characteristics, we perform robustness checks by varying the degree of panel balancedness in

Section 7.5.

All information is taken from official balance sheets. The key variables are the bank’s overall lend-

ing position, non-performing loans, profits, total assets, and the capital ratio. All monetary positions

are deflated and measured in 1995 EUR. A look at the panel characteristics reveals that for all items

between-variation is substantially greater than within-variation.

4.2 Election data

A database that combines information on German county elections in any comprehensive way does

not exist. Even at the state level, the collection of county-election data is the clear exception. For this

reason, we created a unique dataset by collecting all necessary information ourselves. To this end, we

contacted regional statistical offices, the respective counties, and historical archives all over Germany.

As a result of this labor intensive project, we have collected data for all 399 German counties. Given

that the states of Saxony and Saxony-Anhalt, that had belonged to the GDR and enter the data only

in 1990, experienced multiple territorial reforms that radically altered the composition of electoral

districts, we dropped observations of these two states, reducing the number of counties with usable

information to 373. This election data covers the years between 1970 and 2009 for the eleven western

states and the post-reunification years between 1990 and 2009 for the five eastern states. Yet, since

the political data is merged with the aforementioned bank data, the maximum interval for analysis is

effectively reduced to 1987–2009. During this time span, the relative states held four to seven elections

of county legislative bodies. The dataset contains information on election dates, election results, the

names and party affiliations of incumbents and election winners, and whether there was a change in

power. To enable empirical testing of Prediction 1, we have also added dates and outcomes of state

elections.

4.3 County data

Finally, to warrant better control for confounding factors and to increase statistical precision, the sam-

ple is augmented with time-varying macroeconomic and demographic information at the county level,

which are available from the German Federal Statistic Office (Statistisches Bundesamt Deutschland).

These include population size, GDP, unemployment, and public spending. Once again, all monetary

values are converted to 1995 EUR. Available time spans vary significantly among these variables so

that the addition of certain control variables results in significant loss of sample size. The longest time

series are available for GDP, population size and unemployment, spanning from the early 1990s to

2009. The collection of the other variables by the Statistic Office sets in considerably later. For these

12



reasons, the effective time-span covered by the main empirical specification presented in Section 5 cov-

ers the years between 1993 and 2009. In an earlier working paper version of this article (Englmaier

and Stowasser, 2013) we have analyzed time spans of deviating length and documented robustness

of our results to the specific sub-periods under consideration.

4.4 Descriptive statistics

Summary statistics of variables used in the analysis are presented in Table 1. Overall, our data is

substantially right-skewed, which is why the main empirical specification presented below makes use

of log-transformed data. As is evident from Panel A of Table 1, savings banks are on average larger

than their cooperative counterparts. Judging from the ratio of loans and total assets, both bank types

clearly set their business focus on lending operations: The average loan position of savings banks

makes up 70% of the entire balance sheet, while that number is slightly higher for cooperative banks,

which devote almost 73% of their operations to providing credit. Furthermore, loan default ratios and

returns on investment are very similar for both bank types, whereas capital ratios seem to be mildly,

but systematically, larger for cooperative banks.

A look at Panel B of Table 1 reveals that counties in Baden-Württemberg and Bavaria are clearly

dominated by conservative parties – Bavaria’s Christlich-Soziale Union (CSU) and its sister party, Christlich

Demokratische Union (CDU), which competes in the rest of Germany – whereas the other states see a

closer gap between the main political rivals: Germany’s largest left-of-center party, Sozialdemokratische

Partei Deutschlands (SPD), generally fares very poorly and incumbent dominance appears to be much

stronger in the two aforementioned states, suggesting a rather static political environment. As an illus-

tration, consider that only about 5% to 7% of all county elections in Bavaria and Baden-Württemberg

result in a change of the winning party, whereas other states on average experience such changes in

power after 16% of all elections.

Note that the summary statistics in Table 1 are for pooled data and represent an average over time.

To better assess the dynamics of German bank lending, Figure 2 plots the time series of average savings-

bank lending, stratified by state.20 Clearly, the loan data is subject to an upward trend, which makes it

necessary to control for time effects. Overall, savings banks across states appear to be on similar time

trends, assuring the validity of the difference-in-difference identification strategy (see Angrist and

Pischke, 2009). If anything, the time trends of Hesse, Lower Saxony, and Schleswig-Holstein appear

a bit idiosyncratic, which is why results that seem exclusively driven by either of these three states

would have to be taken with a grain of salt. On this account, Section 7.5 gauges the robustness of

results when these states are dropped from the sample. Finally, Figure 3 shows that time trends are

also comparable for both bank types (averaged over all states in the sample), which provides further

evidence that cooperative banks are indeed a suitable comparison to savings banks.

20For better readability, trends for the three city-states, Berlin, Bremen, and Hamburg (accounting for a total of six savings

banks) are omitted.
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Table 1. Variables used for analysis
Summary statistics

Variables Total BW BV BE BB BR HA HS LS MW NW RP SL SH TH

Panel A: Banks

Bank-year obs. 18,942 3,718 4,403 46 260 85 81 1,658 1,903 126 3,978 1,262 337 693 392

Savings banks

- No. of banks 530 73 103 1 14 3 2 53 60 6 123 40 9 25 18

- Total assets 2.125 2.295 1.658 75.091 1.589 2.668 9.662 2.453 1.636 1.293 2.157 1.477 1.943 1.711 1.083
(4.725) (1.920) (1.579) (33.015) (1.492) (2.894) (13.181) (3.086) (1.738) (1.024) (3.047) (0.800) (1.603) (1.221) (0.531)

- Loans 1.493 1.588 1.148 56.127 0.721 2.069 7.725 1.726 1.204 0.729 1.509 1.034 1.405 1.332 0.575
(3.578) (1.332) (1.078) (27.409) (0.633) (2.361) (10.742) (2.170) (1.332) (0.580) (2.272) (0.606) (1.185) (0.985) (0.344)

- Loan default ratio 0.007 0.007 0.007 0.005 0.012 0.007 0.004 0.008 0.007 0.010 0.008 0.007 0.006 0.008 0.111
(0.009) (0.005) (0.005) (0.002) (0.006) (0.004) (0.003) (0.007) (0.005) (0.006) (0.016) (0.007) (0.006) (0.008) (0.011)

- Return on investment 0.049 0.047 0.049 0.023 0.049 0.050 0.064 0.052 0.051 0.047 0.045 0.056 0.053 0.047 0.049
(0.043) (0.041) (0.062) (0.031) (0.059) (0.018) (0.027) (0.026) (0.030) (0.026) (0.027) (0.039) (0.033) (0.048) (0.047)

- Capital ratio 0.046 0.043 0.048 0.030 0.038 0.048 0.046 0.044 0.050 0.039 0.047 0.046 0.044 0.046 0.039
(0.010) (0.008) (0.012) (0.007) (0.008) (0.006) (0.008) (0.009) (0.010) (0.007) (0.008) (0.010) (0.010) (0.009) (0.009)

Cooperative banks

- No. of banks 1,205 250 342 1 11 3 3 97 135 7 206 77 18 38 17

- Total assets 0.685 0.646 0.616 8.563 0.297 0.469 0.956 0.753 0.448 0.345 0.901 0.555 0.610 0.628 0.331
(1.685) (0.676) (2.324) (2.798) (0.087) (0.154) (0.346) (0.878) 0.397) (0.131) (2.382) (0.627) (0.625) (0.880) (0.159)

- Loans 0.500 0.479 0.462 6.376 0.166 0.352 0.728 0.561 0.322 0.227 0.629 0.435 0.482 0.393 0.171
(1.268) (0.460) (1.826) (1.861) (0.051) (0.116) (0.258) (0.662) (0.266) (0.103) (1.727) (0.543) (0.508) (0.396) (0.078)

- Loan default ratio 0.007 0.008 0.006 0.004 0.016 0.005 0.005 0.007 0.007 0.011 0.007 0.007 0.007 0.006 0.115
(0.005) (0.005) (0.004) (0.003) (0.009) (0.003) (0.002) (0.004) (0.004) (0.007) (0.004) (0.004) (0.004) (0.004) (0.012)

- Return on investment 0.049 0.049 0.049 0.038 0.030 0.047 0.040 0.047 0.049 0.026 0.053 0.050 0.035 0.047 0.028
(0.039) (0.050) (0.050) (0.023) (0.029) (0.020) (0.019) (0.039) (0.039) (0.045) (0.054) (0.024) (0.051) (0.027) (0.020)

- Capital ratio 0.057 0.056 0.058 0.050 0.052 0.060 0.061 0.058 0.067 0.052 0.056 0.055 0.046 0.061 0.048
(0.017) (0.012) (0.017) (0.008) (0.007) (0.016) (0.015) (0.027) (0.016) (0.007) (0.016) (0.014) (0.009) (0.015) (0.011)

Panel B: County elections

No. of elections 72 5 4 6 5 6 7 5 4 5 5 5 5 5 5

Vote share CDU 41.04 37.43 44.35 33.57 23.91 30.33 35.34 34.76 44.14 29.93 44.50 41.46 41.56 41.72 38.57
(8.77) (6.90) (5.89) (8.28) (6.82) (5.19) (7.95) (6.82) (10.80) (8.06) (8.68) (8.03) (6.70) (6.17) (8.30)

Vote share SPD 29.95 21.41 23.31 29.03 29.93 39.79 38.76 39.81 37.13 24.48 34.54 35.27 41.73 35.93 21.27
(10.25) (5.05) (7.33) (5.17) (7.49) (6.22) (5.90) (8.07) (8.96) (6.28) (8.30) (7.76) (4.53) (7.48) (6.06)

Vote share swing 9.33 8.20 8.52 12.56 16.84 12.84 14.39 10.14 6.13 13.04 9.47 12.04 8.90 13.07 13.38
(2.77) (2.38) (2.13) (0.00) (2.41) (0.26) (0.00) (1.59) (1.82) (2.31) (0.97) (1.81) (1.47) (1.73) (3.18)

Party change 0.115 0.067 0.046 0.167 0.480 0.167 0.286 0.169 0.064 0.288 0.129 0.190 0.306 0.305 0.100
(0.319) (0.251) (0.208) (0.389) (0.502) (0.378) (0.458) (0.375) (0.245) (0.457) (0.336) (0.392) (0.463) (0.461) (0.301)

Panel C: Counties

No. of counties 373 44 96 1 18 2 1 26 46 8 52 36 5 15 23

Population 75.248 10.745 12.510 3.443 2.493 0.662 1.774 6.062 7.911 1.651 17.873 4.013 1.023 2.838 2.250

Real GDP 6.648 8.381 5.954 84.448 2.619 11.049 78.662 7.852 6.060 2.682 11.049 3.280 5.651 5.185 2.058
(8.447) (5.251) (11.971) (3.773) (0.721) (8.798) (2.799) (8.224) (8.041) (1.366) (7.891) (2.093) (3.674) (2.124) (1.043)

Public spending 0.453 0.464 0.260 19.481 0.270 9.206 9.837 0.487 0.310 0.180 0.766 0.210 0.372 0.348 0.164
(0.410) (0.328) (0.486) (0.658) (0.687) (0.879) (0.502) (0.493) (0.380) (0.095) (0.529) (0.122) (0.336) (0.153) (0.082)

Unemployment rate 8.32 6.11 6.81 15.49 18.88 16.52 10.91 8.35 10.48 18.01 10.14 8.43 10.63 10.31 16.55
(3.39) (1.83) (2.56) (3.80) (4.38) (3.53) (1.54) (2.73) (2.82) (3.21) (2.79) (2.71) (3.01) (2.94) (3.72)

Notes: States are abbreviated as follows: BW=Baden-Württemberg, BV=Bavaria, BE=Berlin, BR=Brandenburg, BR=Bremen,

HA=Hamburg, HS=Hesse, LS=Lower Saxony, MW=Mecklenburg-Western Pomerania, NW=North Rhine-Westphalia,

RP=Rhineland-Palatinate, SL=Saarland, SH=Schleswig-Holstein TH=Thuringia. Reported are total numbers (for the state

level) and means (for the county level) respectively. For the latter, standard deviations are in brackets. Election data refers to

county elections of legislative bodies. CDU is the conservative party (for Bavaria, depicted results are for CDU’s sister party:

CSU) and SPD the social-democratic party of Germany. “Vote share swing” denotes the average swing in vote shares (cumulated

over all parties) that results from a given election. “Party change” indicates the share of elections that result in a change of the

winning party. State population is measured in million inhabitants (as of 2010). All monetary values are measured in 1995 EUR

billion.
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Figure 2. Time trends in bank lending
Savings-bank lending across states
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Notes: Depicted are time series from a balanced panel of average savings-bank lending for

Baden-Württemberg (BW), Bavaria (BV), Brandenburg (BB), Hesse (HS), Lower Saxony (LS),

Mecklenburg-Western Pomerania (MW), North Rhine-Westphalia (NW), Rhineland-Palatinate (RP),

Saarland (SL), Schleswig-Holstein (SH), and Thuringia (TH). City states (Berlin, Bremen, and Ham-

burg) are omitted for better readability. Loans are measured in 1995 EUR billion.

Figure 3. Time trends in bank lending
Savings-bank versus cooperative-bank lending
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Notes: Depicted are time series from a balanced panel of savings-bank (SB) and cooperative-bank

(CB) lending, averaged over all 14 states in the sample. Loans are measured in 1995 EUR billion.
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5 Methodology

5.1 Identification

Testing Prediction 1: The effect of elections on lending

Our strategy to identify effects of elections on savings-bank lending relies on the fact that we should

only observe politically motivated lending before county elections, only in counties in which elections

are held at this point in time, and only for politically connected savings banks. Identification is facil-

itated by a high degree of variation in electoral timing and the existence of a comparable group of

cooperative banks that operate in the same electoral districts as savings banks. Furthermore, given the

statutory nature of legislative elections at the county level, for which early elections are de-facto non-

existent, we need not worry about any endogeneity in the timing of the key regressor. Econometrically,

we conduct difference-in-difference (DD) estimation embedded in a fixed-effects panel setup.

To test whether savings-bank lending increases in the run-up to elections, we use the following

empirical specification:

Li bst = β1ELECC
st ∗ Bb + γ1ELECC

st + f1(Bb,S′s,T
′
t)δ1+X′ibstλ1+ ε1i bst . (6)

where Li bst is a measure of loans from bank i of bank type b (savings vs. cooperative bank), operating

in state s at time t. The parameter of interest, β1, estimates the effect of county elections – which are

indicated by the election dummy variable ELECC
st – on savings-bank lending.

To ensure identification of β1, we control for a flexible function, f1 – allowing for varying levels of

saturation – of the following fixed effects: Ss denotes a full vector of state effects to control for secular

lending differences across states. Similarly, time effects, Tt, are included to capture any national trends

or year shocks. In addition, bank-type effects, Bb, are needed to control for perpetual differences

between savings and cooperative banks. Bb is defined as a dummy variable that takes on the value

of one if the individual unit is a savings bank. We interact the election dummy with the bank-type

indicator such that ELECC
st ∗ Bb switches on if Li bst measures lending activities of a savings bank during

an election season.

Finally, Xibst is a vector of bank- and county-specific variables that may directly influence the out-

come variable. The inclusion of these covariates should considerably improve the predictability of

Li bst , which will reduce the sample variance of the estimates. Moreover, it addresses potential bias

from omitted variables.21

Estimation of Equation (6) ensures that both cross-sectional and time-series variation are exploited.

The former compares the same banks across time, as each bank will be subject to recurring election

“treatments”. The latter contrasts different banks at a given time, as county elections dates vary across

states. Furthermore, the comparison group of cooperative banks permits a better representation of

21On the other hand, there is the risk of bad control in case covariates are intermediate outcomes themselves, which is

why we provide a careful discussion of this issue below in Section 7.2.
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counterfactual lending in the absence of elections because politicians have no institutional sway over

credit policies of these financial institutions. Consequently, the DD estimate for β1 captures the differ-

ence between election-induced increases in savings-bank lending (which is expected to be positive)

and election-induced increases in cooperative-bank lending (which is expected to be zero). An illustra-

tive example of our identification strategy can be found in Appendix A.

More evidence for Prediction 1 would be provided if the following two placebo tests were to be

confirmed by the data as well. Placebo Test 1 – that there be no election effect for politically inde-

pendent cooperative banks – also serves as an empirical test for whether cooperative banks are a

suitable comparison group for savings banks. If cooperative-bank lending is unaffected by either polit-

ical considerations or market effects from savings-bank-lending decisions, we should observe results

for β2 that are statistically indistinguishable from zero, when estimating the following regression in a

sample that only consists of cooperative banks:

List = β2ELECC
st + f2(S′s,T

′
t)δ2+X′istλ2+ ε2ist . (7)

Empirical implementation of Placebo Test 2 – that only county elections, and not state elections

have a systematic impact on savings-bank lending, since state politicians are not members of the

governing board – is straightforward because Regression 6 can be applied almost verbatim as both,

legislative county elections and state elections, vary at the state level. The only difference to the

specification used above is that ELECC
st is replaced with an indicator for state elections, ELECS

st :
22

Li bst = β3ELECS
st ∗ Bb + γ3ELECS

st + f3(Bb,S′s,T
′
t)δ3+X′ibstλ3+ ε3i bst . (8)

Finally, to study a complete electoral cycle, we also estimate the effect of elections on lending

behavior in off-election years, replacing the respective election indicators, ELECC
st and ELECS

st , in equa-

tions 6, 7, and 8 with pre- and post-election indicators, ELECC
st−τ and ELECS

st−τ. For the analysis of

post-election periods, we separately estimate each equation with τ= (1, 2, 3), such that the respective

election dummy indicates whether there was an election in state s, τ years ago. To gauge how far in

advance lending increases will have to occur to leave a footprint in the minds of voters, we also exam-

ine the year preceding the election year by setting τ=−1. With an average interval between elections

of five years, we do not use higher values of τ as this would blur the line between post-election periods

of the current and pre-election periods of the next campaign.

22Note that we refrain from replicating this analysis with federal elections, as their effect would not be identified when

year dummies are used to control for time effects: Federal election dates only vary in the time dimension (with the usual

interval being four years), rendering them indistinguishable from year shocks.
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Testing Prediction 2: The role of electoral competition

The test for Prediction 2 – that election effects on lending are stronger if the election is contested –

can be implemented with the following equation,

Li bst = β4ELECC
st ∗ Bb ∗ CONist + . . . (9)

+ω4ELECC
st ∗ Bb +χ4ELECC

st ∗ CONist +ρ4Bb ∗ CONist + . . .

+ γ4ELECC
st + θ4CONist + f4(Bb,S′s,T

′
t)δ4+X′ibstλ4+ ε4i bst ,

where CONist is an indicator for whether the current election is contested. To ensure robustness, we

present results with several alternative measures for electoral contestedness (see Section 6). The third

line of equation 9, which contains the aforementioned controls and fixed effects is augmented by

CONist . Line 2 contains the full set of first-order interactions which are necessary to identify the effect

of interest, captured by the interacted DD estimate of β4 in line 1 (see Gruber, 1994).

Note that when testing Prediction 2, we control for another aspect of political competition, namely

incumbent entrenchment. While the contestedness of a current election may increase the incumbent’s

incentive to boost lending, her ability to do so likely depends on her political entrenchment in the

county: Assuming that the creation of tangible networks takes time, the ties between county politi-

cians and the bank’s management should be the stronger, the longer the incumbent party has been in

power – or, by extension, the longer it is expected to remain in power. As a result, regular changes

in incumbency should limit the scope of electoral lending cycles. To measure the degree of entrench-

ment, we define an indicator variable that switches on if the electoral district the bank operates in

experiences relatively few changes in party incumbency.23

Testing Prediction 3: The consequences of election-induced lending

To test Prediction 3 – that election-induced lending has adverse consequences on the economic perfor-

mance of affected banks – we study how a bank’s profitability and loan-default rates evolve over the

electoral cycle.

Estimating the effect of elections on bank profitability closely resembles the specification used for

Prediction 1, as we only have to replace the measure of lending, Li bst , with a profitability measure,

Pi bst :

Pi bst = β5ELECC
st−τ ∗ Bb + γ5ELECC

st−τ+ f5(Bb,S′s,T
′
t)δ5+X′ibstλ5+ ε5i bst . (10)

In line with Prediction 2, we also test whether any profitability effects are more pronounced in

counties with contested elections, since election-induced lending is expected to be more prevalent

23To construct this measure, we create a normalized index that counts the number of elections the strongest party has

changed within a county. Our entrenchment measure indicates whether the electoral district under consideration ranks

in the bottom quartile of the distribution of said index. Note that a change in relative party strength may not necessarily

translate into a change in power, as the party with the plurality of votes may fail to reach an outright majority, in which case

it may have to accept opposition status if the other parties agree to form a coalition government. This notwithstanding, our

measure should provide a reasonable approximation to the general stability of incumbency, we are ultimately interested in.
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there. We implement this test by comparing estimates of β5 from samples with low and high degrees

of electoral competition.

Identifying the effect of excess lending on non-performing credit is more complicated because

loans will not necessarily default in the year they were granted but in later years. Since our balance-

sheet data simply measure the stock of loan defaults at each year’s end, we do not know whether a

given non-performing loan was extended in an election year or in a non-election year. To account for

this ambiguity, we partition the post-election years into two-year rolling averages and estimate the

following equation:

Di bst = β6ELECC
st−τ ∗ Bb + γ6ELECC

st−τ+ f6(Bb,S′s,T
′
t)δ6+X′ibstλ6+ ε6i bst , (11)

where Di bst measures loan defaults in a given year t, and τ consists of the following year bundles:

(0,1); (1,2); (2,3); and (3,4). For example, β6 from a regression with τ = (3,4) would measure the

average effect of a county election on loan defaults that occur three to four years after the election

took place. Again, we refrain from using higher levels of τ, as this would create a time window that

is already part of the next electoral cycle. In addition, we run Regression 11 with τ= 0 to study any

immediate effect of elections on same-year credit defaults.

Since any negative fallout in terms of loan quality should be stronger in counties that saw large

election-induced lending increases, we examine whether results differ between counties with high and

with low electoral competition. Assuming that Prediction 2 is correct, we would expect higher default

rates in post-election years in case the election was contested.

Finally, we attempt to identify a more direct link between elections and eventual loan defaults

by estimating the part of bank lending that is due to elections. To achieve this, we create adjusted

residuals, L̂ELEC
ibst , that control for all non-election-related observables included in Regression 6:

L̂NO ELEC
ibst = f1(Bb,S′s,T

′
t)δ̂1+X′ibstλ̂1

L̂ELEC
ibst = Li bst − L̂NOELEC

ibst ⇔

L̂ELEC
ibst = β̂1ELECC

st ∗ Bb + γ̂1ELECC
st + ε̂1i bst . (12)

To assess the effect these election-induced loans have on default rates in later years, we estimate the

following equation in a sample of savings banks:

Dist = β7 L̂ELEC
ist−τ+ g7( L̂NO ELEC

ibst−τ , List)γ7+ f7(S′s,T
′
t)δ7+X′istλ7+ ε7ist if ELECC

st−τ = 1, (13)

for τ = {0; (0,1); (1,2); (2,3); (3,4)}. The parameter of interest, β7, would, for the example of τ =

(3,4), measure the impact of election-induced lending on non-performing loans three to four years

after the election took place. Note that we also control for a flexible function, g7, of the non-election-

induced part of election-year lending, L̂NOELEC
ibst , and current bank loans, List . We include the former

covariate to separate any general long-term impact lending may have on loan defaults in later years.

The latter control ensures that our “election lending” measure does not spuriously capture any time

persistence in the lending behavior of banks.

19



Assessing Research Question 1: Savings-bank lending and public spending as policy levers

To address the question whether savings-bank lending and county public spending are substitutes or

complements from the politician’s perspective, we estimate the following county-level regression in a

sample of savings banks:

L̄cst = β8Gcst + f8(S′s,T
′
t)δ8+X′cstλ8+ ε8cst , (14)

where L̄cst measures average24 savings-bank lending in county c, and Gcst measures county govern-

ment spending. Note that this regression model is likely to suffer from endogeneity issues that will

make it impossible to identify causal effects. Compared to the specifications above, this part of the

analysis will hence be of more suggestive nature and parameter estimates can only be interpreted as

conditional correlations. Bearing these caveats in mind, a positive sign of β8 would indicate that both

potential policy levers are complements, whereas β8 < 0 would suggest that they are substitutes. We

estimate equation 14 separately for election and non-election years to examine if the relation between

both policy instruments depends on the timing of elections.

Assessing Research Question 2: The role of past economic county performance

To shed more light on the political mechanism that induces electoral lending, we investigate whether

the observed pattern can be explained by differences in pre-election-year economic performance be-

tween counties.

We start out by testing if the vote share of the incumbent party, V I
cst , depends on salient economic

indicators, collected in Z′cst−1, that summarize the shape of the economy in county c in the run-up of

an election:

V I
cst = Z′cst−1β9+ γ9V I

cst−1+ f9(S′s,T
′
t)δ9+ ε9cst if ELECC

st = 1. (15)

Z′cst−1 includes measures for GDP, GDP growth, unemployment, and unemployment growth – all de-

fined as deviations from the current federal average. In addition, we control for the incumbent vote

share from the previous election, V I
cst−1. Note that if the parameter vector of interest, β9, suggests a

positive relationship between economic indicators and electoral success, this would empirically justify

the modeling assumption made in Section 3 that voters judge the incumbent based on past economic

performance.

When one combines our prediction that election-induced lending should be particularly pronounced

in highly competed counties with the fact that the contestedness of an election will be a function of

an incumbent’s vote share, a natural next step consists of exploring whether the election effect on

lending is more pronounced in counties that experienced subpar economic conditions in the run-up of

an election. For this, we estimate the following equation in a sample of savings banks:

L̂ELEC
ist = Z′cst−1β10+ f10(S′s,T

′
t)δ10+X′istλ10+ ε10cst if ELECC

st = 1, (16)

24We take loan averages in cases of multiple savings banks operating in the same county. For the vast majority of cases,

where each county has only one savings bank, taking averages does not affect our previously used dependent variable, as

L̄cst = List
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where L̂ELEC
ist is our estimate of election-induced lending as defined in equation 12.

5.2 Main empirical specification

All results presented in Section 6 are estimates from the entire25 (unbalanced) panel sample to which

we apply the following empirical specification: Regressions 6–16 are fitted with OLS and – to gauge the

stability of results to the inclusion of bank26 fixed effects – the within estimator (FE). The dependent

variables, Li bst , Pi bst , and Di bst , are normalized, to account for bank-size effects, and log-transformed.

Loans are normalized by total assets, profits by equity (making Pi bst a measure of the return on equity),

and non-performing loans by the overall loan sum. Note that log-transformation does not drive our

results but facilitates interpretation of coefficients – which represent (semi-)elasticities – and accounts

for the right-skewedness of our data.27 The election indicator, ELECC
st , takes on the value of one if there

is a county election in state s in year t. Section 7.4 explores the robustness of our results to varying

definitions of these key variables.

In our main specification, we control for full sets of bank-type, state, and time fixed effects, but not

for interactions among them, as this would make it impossible to identify the parameters of interest

in samples that consist of only one bank type (such as Placebo Test 1 for Prediction 1). Yet, to provide

more rigorous tests of our predictions, we allow for higher degrees of fixed-effects saturation (up to a

full set of interactions, with f j = Bb + S′s+ T′t+ Bb ∗ S′s+ Bb ∗ T′t+ S′s ∗ T′t) in Section 7.1.

The vector of control variables, Xibst, includes bank-specific (total assets and capital ratio) and

county-specific (population size, real GDP, as well as population and GDP growth rates) time-varying

covariates. To account for the possibility that these variables are only sequentially exogenous, we use

their lagged values instead. Furthermore, to alleviate the risk of bad control, we use quartile indicators

(rather than absolute values) of these variables, which allows a broad categorization with respect to

bank size, balance risks and county credit demand.28 In Section 7.2, we demonstrate that our results

are robust to less time-varying definitions of covariates and even specifications without any controls.

Standard errors for all regressions are clustered at the highest level of variation: the state level.

As a robustness exercise, we correct standard errors for potential bias arising from the low number of

clusters (defined by the 14 states in our sample) by applying the wild cluster bootstrap-t procedure

suggested by Cameron et al. (2008) in Section 7.3.

25For robustness, Section 7.5 repeats the analysis for a large battery of alternative sample compositions, to make sure that

our results are not driven by an oddly selected sample.
26In county-level Regressions 14 and 15, we include county fixed effects instead.
27While normalization already reduces the skew in the distribution of our dependent variables to a certain extent, it is

still substantial enough to merit log-linearization.
28The rationale for this approach is that, while it may be possible that elections affect bank variables other than loans

at the margin, it is less likely that this impact is strong enough to move a bank across these broad categories. A similar

argument can be made for the county variables in Xibst.
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Table 2. Results for Prediction 1: The electoral effect on lending (Election year)
Dependent variable: Log loans normalized by total assets

Regression coefficients
Explanatory (Robust standard errors in brackets)

variables (A) (B) (C) (D) (E) (F) (G) (H)

Key regressors

- ELECC
st ∗ Bb 0.016*** 0.013*** – – – – 0.016*** 0.013***

(0.004) (0.004) (0.004) (0.004)

- ELECC
st -0.003 -0.003 -0.002 -0.002 – – -0.004 -0.003

(0.003) (0.002) (0.004) (0.001) (0.003) (0.002)

- ELECS
st ∗ Bb – – – – -0.000 -0.002 0.001 -0.001

(0.008) (0.006) (0.007) (0.005)

- ELECS
st – – – – -0.001 0.000 -0.000 0.000

(0.006) (0.005) (0.005) (0.005)

Bank controls

- Total assets -0.010 -0.003 -0.015* 0.010 -0.010 -0.004 -0.010 -0.003
(0.006) (0.008) (0.008) (0.009) (0.006) (0.008) (0.006) (0.008)

- Capital ratio 0.018* 0.013*** 0.034 0.012*** 0.018* 0.013*** 0.018* 0.013***
(0.010) (0.003) (0.021) (0.003) (0.010) (0.003) (0.010) (0.003)

County controls

- Population 0.006 -0.004 0.013 0.016** 0.006 -0.004 0.006 -0.004
(0.007) (0.009) (0.009) (0.007) (0.007) (0.009) (0.007) (0.009)

- Popul. growth 0.009* -0.003 0.011 -0.003 0.009* -0.002 0.009* -0.003
(0.004) (0.003) (0.006) (0.003) (0.004) (0.003) (0.004) (0.003)

- Real GDP 0.007 -0.002 -0.003 -0.003 0.007 -0.002 0.007 -0.002
(0.006) (0.004) (0.008) (0.009) (0.006) (0.004) (0.006) (0.004)

- GDP growth 0.001 0.000 0.002 0.000 0.001 0.000 0.001 0.000
(0.002) (0.001) (0.003) (0.001) (0.002) (0.001) (0.002) (0.001)

Fixed effects

- State FE X X X X X X X X

- Time FE X X X X X X X X

- Bank-type FE X X – – X X X X

- Bank FE – X – X – X – X

N 12,269 12,269 7,049 7,049 12,269 12,269 12,269 12,269

R2 0.250 0.023 0.170 0.045 0.250 0.024 0.250 0.023

Banks in sample All All Coop Coop All All All All

Election County County County County State State Both Both

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β1, β2, and

β3, respectively. The indexes C and S denote county and state elections, respectively. Coop stands for cooperative

banks. Standard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate statistical

significance at the 10%, the 5%, and the 1% level, respectively.

6 Results

In a nutshell, all three testable predictions withstand empirical scrutiny, which strongly corroborates

the hypothesis that there is a politically induced lending cycle. Not only do estimated effects have the

correct sign, they are also statistically significant at least at the 10% level, and in many cases even at

the 1% level. In addition, we find suggestive evidence that savings-bank lending and public county

spending are substitutes from the politician’s perspective and that subpar economic fundamentals

prior to elections depress the incumbent’s vote share and boost election-induced lending.
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Prediction 1: Is there election-induced lending by savings banks?

The empirical tests of Prediction 1 are summarized in Tables 2 and 3, which contain OLS and FE

estimates of the key parameters from Regressions 6 to 8. Let us start with Table 2 that holds results for

lending behavior in an election year. Results in column (A) come from Regression 6 and suggest that

in the run-up to county elections the average savings bank experiences a 1.6% increase in the stock of

lending. This estimate is statistically significant at the 1% level. Note that this increase is relative to the

total stock in bank lending. If we were able to observe the extension of new credit contracts, relative

effect sizes would be substantially larger. Providing a back-of-the-envelope calculation and assuming

an average loan tenure of three to four years, this estimate would translate into a 4,8% to 6.4% effect

on newly extended credit.

Given the panel structure of our data, we are able to account for the possibility of bank-specific

effects being correlated with any of our regressors. Even though we are not particularly worried about

correlated effects, column (B) of Table 2 presents results when fitting Regression 6 with the FE es-

timator that only relies on variation over time. The parameter of interest is somewhat smaller – a

1.3% instead of a 1.6% increase in lending – but still precisely estimated. We take this as encouraging

evidence that our results survive, even when identification is based on within variation alone.

As the second entries in columns (A) and (B) indicate, the lending behavior of cooperative banks

appears to be unaffected by county elections. This observation is corroborated in columns (C) and (D),

which contain OLS and FE results, respectively, for Placebo Test 1. This finding confirms that the hike in

election-year lending is unlikely to be demand-side driven, since one would expect any macroeconomic

factors to influence the entire banking sector and not only politically controlled savings banks.

Now we turn to the second placebo test that savings-bank lending should react only to county

elections but not to state elections. A look at columns (E) and (F) of Table 2 suggests that this is indeed

the case. Depicted is the estimate for the effect of state elections on savings-bank lending, when fitting

Regression 8 with OLS and FE, respectively. In line with our premise, there is no evidence that lending

reacts in any systematic way to elections at higher government levels. This result is confirmed when

jointly regressing on both election types (see columns (G) and (H)). As was the case with the non-

effect for cooperative banks, these findings lend additional support to the assertion that we are not

simply measuring the consequences of spurred credit demand in response to political-business-cycle

policies, since these should arguably be in place before state election as well.29

29Note that we also considered a variant of Placebo Test 2, where we studied if in the run-up to state elections there is an

increase in lending by savings banks in counties that are ruled by the state-level incumbent party. Such a result would be

in line with the Rogoff-Sibert framework, where local politicians try to favor their own party in state elections (see Rogoff

and Sibert, 1988). The fact that we did not find any effect of state elections on savings-bank lending irrespective of party

allegiance, suggests that county politicians may keep their powder dry for themselves, rather than use their roles in the

savings-bank governing board to sway the re-election chances of politicians from higher levels of government. A plausible

interpretation could be that politicians at the state level are able to use more efficient policy levers, such as directed subsidy

programs.
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Table 3. Results for Prediction 1: The electoral effect on lending (Electoral cycle)
Dependent variable: Log loans normalized by total assets

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H) (I) (J)

Key regressors

- ELECC
st−τ ∗ Bb 0.013* 0.016*** 0.008 -0.016* -0.007 0.011** 0.013*** 0.004 -0.013** -0.004

(0.006) (0.004) (0.009) (0.007) (0.006) (0.004) (0.004) (0.008) (0.005) (0.007)

- ELECC
st−τ -0.005 -0.004 -0.007 0.008 0.003 -0.003 -0.003 -0.005 0.005 0.002

(0.004) (0.003) (0.006) (0.006) (0.004) (0.004) (0.002) (0.005) (0.003) (0.004)

Controls

- Bank controls X X X X X X X X X X

- County controls X X X X X X X X X X

Fixed effects

- State FE X X X X X X X X X X

- Time FE X X X X X X X X X X

- Bank-type FE X X X X X X X X X X

- Bank FE – – – – – X X X X X

N 10,871 12,269 12,269 12,269 12,269 10,871 12,269 12,269 12,269 12,269

R2 0.262 0.250 0.250 0.250 0.250 0.002 0.023 0.024 0.026 0.025

Year relative to election τ=−1 τ= 0 τ=+1 τ=+2 τ=+3 τ=−1 τ= 0 τ=+1 τ=+2 τ=+3

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β2 when ELECC
st

is replaced by ELECC
st−τ. τ < 0 indicates pre-election years, τ = 0 indicates election years, and τ > 0 indicates

post-election years. The index C denotes county elections. Standard errors are clustered at the state level and are

stated in brackets. *, **, and *** indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.

Results for savings-bank lending over an entire electoral cycle are displayed in Table 3, with each

column representing a separate regression for which τ is accordingly varied in equation 6, where

ELECC
st is replaced with ELECC

st−τ. Let us start with results from OLS without bank fixed effects (columns

(A) through (E)): The effect for the year preceding the election year is depicted in column (A). The

three post-election years are tackled in columns (C), (D) and (E), respectively. As is evident from

the first column a slight but statistically significant (at the 10% level) increase is already measurable

in the pre-election year, indicating that an early start of politically induced excess lending might be

necessary to have an impact with voters. This is especially relevant in case the election date falls onto

one of the first months of a given year, as an expansion in lending would then also be captured by

the balance sheet of the year preceding the election.30 The effect dissipates directly after the election

year, returning to levels that are indistinguishably different from zero. Two years after the election, the

election effect dips into significantly negative territory (at the 10% level). We take this as suggestive

evidence for overly prudent lending policies after elections. This would be consistent with a situation

where banks have to make up for excess election lending as they face a binding credit constraint. In

the third year following an election, lending once again inches toward its steady state before a new

cycle is initiated. Results when controlling for bank fixed effects are presented in columns (F) through

(J) and follow the same pattern.

30In Section 7.4 we show robustness of results to alternative definitions of the election indicator that ensure that election-

induced lending is reflected in the balance sheet of the actually relevant year.
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Figure 4. Results for Prediction 1: Electoral cycle in lending
The lending cycle for county elections and savings banks

-0.08 

-0.06 

-0.04 

-0.02 

0 

0.02 

0.04 

0.06 

0.08 

-1 0 +1 +2 +3 

Es
ti

m
at

es
 a

nd
 9

0%
 c

on
fi

de
nc

e 
in

te
rv

al
s 

Time (measured in years before and after election) 

Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β1 when using pre- and post-election indicators ELECC
st−τ. Dottet lines indicate

90% confidence intervals. Time is measured on the abscissa.

To provide a visual representation of the electoral lending cycle for savings banks, we plot the

effects, county elections have on lending in the four years surrounding said election, into Figure 4.

The solid line depicts the same OLS point estimates as those in the first row of Table 3. The dotted

lines indicate 90% confidence intervals. The resulting picture provides, once more, evidence for the

political nature of the increase in loan extensions and refutes a more subtle alternative demand-side

explanation: customers might correctly anticipate that it will be easier to be granted pre-election

loans and therefore pull forward their credit applications from the post- to the election season. If the

latter argument had any merit, there should be a marked dip in credit extension in the immediate

post-election year, which is, however, not the case.

We repeat this graphical analysis for both placebo tests in Figures 5 and 6. Figure 5 documents

that there is no cycle for cooperative banks, suggesting a flat temporal pattern for these banks. This

dissipates doubts that cooperative banks may be an unsuitable comparison group, for their behavior

may be potentially linked to that of savings banks through market-interaction effects. While it is true

that, nominally, lending for both bank types moves in opposite directions – which would be in line

with cooperative-bank lending being partly crowded out by excessive savings-bank lending during

elections, and cooperative banks recapturing a larger market share when savings banks recalibrate

their policies in post-election years – this pattern is statistically completely insignificant. Nonetheless,

in Section 7.5 we demonstrate that our results hold irrespective of the inclusion of cooperative banks

to our sample.

Similarly, Figure 6 reinforces the conclusions drawn from Placebo Test 2, as savings-bank lending

appears to be independent of the timing of state elections in the years preceding and following the

election, too.
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Figure 5. Results for Prediction 1: Electoral cycle in lending
The lending cycle for county elections and cooperative banks (Placebo Test 1)
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β2 when using pre- and post-election indicators ELECC
st−τ. Dottet lines indicate

90% confidence intervals. Time is measured on the abscissa.

Figure 6. Results for Prediction 1: Electoral cycle in lending
The lending cycle for state elections and savings banks (Placebo Test 2)
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β3 when using pre- and post-election indicators ELECS
st−τ. Dottet lines indicate

90% confidence intervals. Time is measured on the abscissa.

Prediction 2: What is the role of electoral competition?

Prediction 2, that the election effect on lending is more pronounced for contested elections, is under

study in Table 4. Since data on pre-election polling is generally unavailable for county elections, we

have to rely on an ex-post measure when assessing the contestedness – denoted by CONist – of the

electoral campaign: the actual election outcome. Though there is an obvious endogeneity issue, we

are confident that, given rational expectations and a reasonable feeling of county politicians for the

mood of their electorate, the closeness of the final result should provide a reasonable proxy for the
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Table 4. Results for Prediction 2: The role of electoral competition
Dependent variable: Log loans normalized by total assets

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Interaction effect

- ELECC
st ∗ Bb ∗ CONist – – 0.036** – – 0.031**

(0.014) (0.012)

Main effect

- ELECC
st ∗ Bb 0.034*** 0.004 -0.010 0.023*** -0.002 -0.006

(0.010) (0.006) (0.011) (0.007) (0.006) (0.010)

Controls

- First-order interactions – – X – – X

- Incumbent entrenchment control X X X X X X

- Bank controls X X X X X X

- County controls X X X X X X

Fixed effects

- State FE X X X X X X

- Time FE X X X X X X

- Bank-type FE X X X X X X

- Bank FE – – – X X X

N 4,968 7.282 12,250 4,968 7.282 12,250

R2 0.368 0.182 0.251 0.004 0.013 0.023

Sample selection

- Only contested elections X – – X – –

- Only uncontested elections – X – – X –

- All elections – – X – – X

Measure for CONist C1 C1 C1 C1 C1 C1

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β1, and

β4, respectively. CONist indicates whether the current election is contested (C1=Indicator for winner’s

vote share < 40% or margin of victory < 7%). Incumbent entrenchment is proxied by an indicator for low

incumbent party turnover. Standard errors are clustered at the state level and are stated in brackets. *,

**, and *** indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.

perceived closeness of the contest itself. Moreover, below we document that the results are robust to

alternative measures of electoral contestedness. The measure used in the main empirical specification

takes on the value of one if the winner’s final vote share is either below 40% or if the margin of

victory is less than 7%. According to estimates in columns (A) and (D), there is clear evidence that

– given incumbent entrenchment in the county – lending cycles are more likely if the current election

promises to be close. Savings banks in counties that fall into this category, increase their lending by

2.3% to 3.4% in an election year, an effect size that is roughly twice as large as the one coming from the

entire sample (see Table 2). By contrast, there is essentially no movement in lending for savings banks

before elections with low electoral competition (see columns (B) and (E) of Table 4). This pattern is

corroborated in columns (C) and (F), where – instead of stratifying the sample into contested and

uncontested elections – we identify the effect of electoral contestedness with a triple interaction as

described in Regression 9.
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Table 5. Results for Prediction 2: Alternative measures for CONist

Dependent variable: Log loans normalized by total assets

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Interaction effect

- ELECC
st ∗ Bb ∗ CONist 0.030* 0.030** 0.032** 0.031** 0.028** 0.031**

(0.015) (0.011) (0.014) (0.014) (0.011) (0.011)

Main effect

- ELECC
st ∗ Bb -0.002 -0.003 0.008 -0.001 -0.002 0.009

(0.009) (0.008) (0.008) (0.008) (0.008) (0.005)

Controls

- First-order interactions X X X X X X

- Incumbent entrenchment control X X X X X X

- Bank controls X X X X X X

- County controls X X X X X X

Fixed effects

- State FE X X X X X X

- Time FE X X X X X X

- Bank-type FE X X X X X X

- Bank FE – – – X X X

N 12,250 12,250 12,250 12,250 12,250 12,250

R2 0.251 0.251 0.251 0.025 0.019 0.025

Measure for CONist C2 C3 C4 C2 C3 C4

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β4.

CONist indicates whether the current election is contested (C2=Indicator for winner’s vote share < 37%

or margin of victory < 5%; C3=Indicator for high index of contestedness; C4=Indicator for high index

of change in winning margin). Incumbent entrenchment is proxied by an indicator for low incumbent

party turnover. Standard errors are clustered at the state level and are stated in brackets. *, **, and ***

indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.

To make sure that this result is not spuriously driven by our specific definition of contested elec-

tions, Table 5 presents results for Regression 9 with alternative measures of electoral competition: C2

is a dummy variable that indicates elections where the winning party accrued less than 37% of the

vote or held a lower than 5% advantage over the runner-up.31 C3 is a bottom-quartile indicator for

a normalized index that measures both, the absolute vote share of the winning party, as well as its

margin of victory. C4 indicates an election in the bottom quartile of a normalized index that ranks

all observations in our sample by the change in victory margins between elections, i.e., C4 captures

whether there are dramatic changes in vote share between elections. In all cases, we find that the

electoral effect on lending is only present for competed elections.

To visualize the role of electoral competition over the electoral cycle, we repeat the graphical

analysis from Prediction 1 for two subsamples that stratify by electoral contestedness. The lending

cycle for contested areas is depicted in Figure 7 and reaffirms our conclusion that the effect on savings-

bank lending is strongest if politicians are in an active fight for re-election. The much flatter cycle in

31For the definition of close elections we have experimented with different cut-off values between the interval of 35% to

45% (for the vote share) and 2% to 8% (for the margin of victory), which all yielded similar results.
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Figure 7. Results for Prediction 2: Electoral cycle in lending
The lending cycle for contested county elections

-0.08 

-0.06 

-0.04 

-0.02 

0 

0.02 

0.04 

0.06 

0.08 

-1 0 +1 +2 +3 

Es
ti

m
at

es
 a

nd
 9

0%
 c

on
fi

de
nc

e 
in

te
rv

al
s 

Time (measured in years before and after election) 

Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β1 when using pre- and post-election indicators ELECC
st−τ on a subsample of

contested elections. Dottet lines indicate 90% confidence intervals. Time is measured on the

abscissa. Contestedness is measured by C1.

Figure 8. Results for Prediction 2: Electoral cycle in lending
The lending cycle for uncontested county elections
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β1 when using pre- and post-election indicators ELECC
st−τ on a subsample of

uncontested elections. Dottet lines indicate 90% confidence intervals. Time is measured on the

abscissa. Contestedness is measured by C1.

Figure 8, on the other hand, suggests that the incentives for incumbents to manipulate savings-bank

lending policies may be limited if electoral success for either party is all but guaranteed.32

This pattern becomes more pronounced when we stratify our sample even further along the di-

mensions of electoral contestedness and incumbent entrenchment. Recall that while the former should

32Note that these diverging outcomes are not driven by lopsided sample sizes: The stratum of uncontested elections

contains roughly 60% of the entire sample, while the other 40% fall into the category of contested elections.
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affect the politician’s incentives to boost lending, the latter should influence his ability to do so. To

illustrate our point, we concentrate on two polar cases: We first apply Regression 6 to a subsample that

consists of counties that are characterized by high levels of entrenchment and that face a close current

election. We then fit the same regression with data from counties with low levels of entrenchment and

low levels of current competition.33

The lending cycle for the stratum of highly entrenched and currently highly contested areas is

depicted in Figure 9. As is evident from the graph, the pattern reaffirms all conclusions drawn from

the entire sample. However, effect sizes are roughly magnified by a factor of two to three, indicating

that politically induced lending is much more common when politicians have both the ability and

the incentive to influence savings-bank decisions. In contrast to this, evidence from Figure 10, which

depicts the lending dynamics of savings banks in counties with low levels of entrenchment and low

levels of current competition, suggests that bank activities appear unaffected by the timing of elections.

In fact, estimated election effects closely oscillate around zero throughout both pre- and post-election

periods. The same holds true for the election season itself, suggesting that the “right” kind of political

climate is able to keep county politicians in check.

Finally, while this evidence is in line with our prediction of politicians using their influence on

savings banks to increase their re-election chances when facing political headwinds, it is, in principal,

also compatible with an alternative interpretation in the spirit of Alesina and Tabellini (1990). Accord-

ing to their strategic-spending model, electoral cycles may be explained by incumbents trying to force

savings banks to extend loans to borrowers that are connected with their party before the opposition

comes into power.

In an attempt to discriminate between both theories we additionally condition our results on

whether the incumbent party won or lost the election. For this we define a dummy variable, LOSist ,

that switches on if the head of government (i.e., the mayor for cities, or the county chief executive for

rural areas) is from a different party following an election. We then run Regression 6 in four different

strata: OLS results for stratum 1 (which consists of all non-contested elections that were won by the

incumbent party) are displayed in column (A) of Table 6 and suggest that there is no election-induced

lending in these counties. This is compatible with both, Alesina and Tabellini’s strategic spending

model and the opportunistic-political-cycle model that is behind our hypotheses, because in neither

model incumbents have an incentive to boost spending if they expect to easily coast to re-election.

Column (B) contains results for the second stratum with elections that were handily won by the oppo-

sition party. Alesina and Tabellini’s model would predict a particularly pronounced election effect for

these elections, since they should create exactly the devil-may-care incentives for incumbents to hand

out gifts to their allies on their way out. The fact that we do not find a significant effect on lending

here speaks against a prominent role for strategic spending. Rather, the next two columns once again

suggest that close election outcomes are a prerequisite for election-induced lending, irrespective of

33To achieve this, we use the same quartile indicators as before. The resulting strata are of sufficient size – roughly 1,700

and 700 bank-year observations, respectively – to allow for precise estimation.
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Figure 9. Results for Prediction 2: Electoral cycle in lending
The lending cycle for contested county elections with high incumbent entrenchment
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β1 when using pre- and post-election indicators ELECC
st−τ on a subsample of

contested elections with high incumbent entrenchment. Dottet lines indicate 90% confidence

intervals. Time is measured on the abscissa. Contestedness is measured by C1.

Figure 10. Results for Prediction 2: Electoral cycle in lending
The lending cycle for uncontested county elections with low incumbent entrenchment
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β1 when using pre- and post-election indicators ELECC
st−τ on a subsample of

uncontested elections with low incumbent entrenchment. Dottet lines indicate 90% confidence

intervals. Time is measured on the abscissa. Contestedness is measured by C1.

whether re-election was successful. The fact that the estimated effects are of comparable size (a 3.8%

vs. a 3.9% increase in lending) for elections that were lost (stratum 3) and those that were won (stra-

tum 4) by the incumbent party is in line with a narrative where politicians resort to savings banks

when having to fight for political survival – a fight they may lose (column C) or they may win (column

D).
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Table 6. Results for Prediction 2: Opportunistic cycles versus strategic spending
Dependent variable: Log loans normalized by total assets

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Interaction effects

- ELECC
st ∗ Bb ∗ CONist – – – – 0.032** 0.024*

(0.014) (0.012)

- ELECC
st ∗ Bb ∗ LOSist – – – – 0.001 0.011

(0.008) (0.010)

Main effect

- ELECC
st ∗ Bb 0.001 0.005 0.038*** 0.039* 0.002 -0.003

(0.008) (0.013) (0.010) (0.020) (0.009) (0.008)

Controls

- First-order interactions – – – – X X

- Bank controls X X X X X X

- County controls X X X X X X

Fixed effects

- State FE X X X X X X

- Time FE X X X X X X

- Bank-type FE X X X X X X

- Bank FE – – – – – X

N 4,900 465 3,291 389 9,016 9,016

R2 0.107 0.308 0.291 0.193 0.168 0.027

Sample selection

- Contested elections – – X X X X

- Uncontested elections X X – – X X

- Incumbent won election X – – X X X

- Incumbent lost election – X X – X X

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β1 in

samples stratified along the dimensions of election contestedness and incumbent reelection (columns (A)

through (D)) and β4 in a twice triple-interacted version (columns (E) and (F)). CONist is measured by C1.

CONist is measured by an indicator for post-election party change of the executive county representative.

Standard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate statistical

significance at the 10%, the 5%, and the 1% level, respectively.

These results are confirmed in column (E), where we run a horserace-type test that pits both

theories against one another by using the entire sample. For this we augment Regression 9 by a second

triple-interaction term, namely ELECC
st ∗Bb ∗LOSist , and the corresponding first-order interactions. Again,

it is the contestedness of an election that drives the strength of election-induced lending, whereas

the identity of the election winner appears to be irrelevant. FE results in column (F) are qualitatively

similar to those from OLS.34 If anything, the second entry implies a less clear refutation of the strategic-

spending hypothesis than was the case without bank fixed effects. Yet, the estimate is far from being

statistically significant at conventional levels, and, more importantly, our prediction that electoral

competition is the main driving force is still confirmed at the 10% level.

34To save space, we refrain from presenting FE results for the four stratified samples. The FE results confirm our findings

and are, of course, available upon request.
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Table 7. Results for Prediction 3: Electoral effect on profitability
Dependent variable: Log of return on equity

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H) (I) (J)

Panel A: Results for all elections

Key regressors

- ELECC
st−τ ∗ Bb -0.069 -0.047 -0.033 0.121 0.082** -0.047 -0.018 -0.038 0.054 0.049*

(0.061) (0.028) (0.055) (0.081) (0.034) (0.055) (0.034) (0.049) (0.060) (0.026)

- ELECC
st−τ 0.041 0.004 0.089 -0.068 -0.083* 0.027 -0.012 0.092 -0.027 -0.067*

(0.036) (0.011) (0.071) (0.050) (0.039) (0.032) (0.016) (0.069) (0.036) (0.036)

N 10,730 12,116 12,116 12,116 12,116 10,730 12,116 12,116 12,116 12,116

R2 0.136 0.134 0.135 0.134 0.134 0.057 0.041 0.043 0.040 0.041

Panel B: Results for contested elections with high incumbent entrenchment

Key regressors

- ELECC
st−τ ∗ Bb -0.218*** -0.181*** -0.136 -0.035 0.097 -0.037 -0.069** 0.004 -0.047 0.149**

(0.064) (0.025) (0.099) (0.066) (0.070) (0.099) (0.024) (0.024) (0.048) (0.049)

- ELECC
st−τ 0.131*** 0.015 0.174* 0.023 -0.055 0.063 -0.039*** 0.064 0.028 -0.093**

(0.022) (0.024) (0.092) (0.057) (0.040) (0.045) (0.011) (0.044) (0.058) (0.030)

N 1,535 1,740 1,617 1,602 1,649 1,535 1,740 1,617 1,602 1,649

R2 0.155 0.143 0.128 0.118 0.113 0.056 0.037 0.040 0.042 0.049

Controls

- Bank controls X X X X X X X X X X

- County controls X X X X X X X X X X

Fixed effects

- State FE X X X X X X X X X X

- Time FE X X X X X X X X X X

- Bank-type FE X X X X X X X X X X

- Bank FE – – – – – X X X X X

Year relative to election τ=−1 τ= 0 τ=+1 τ=+2 τ=+3 τ=−1 τ= 0 τ=+1 τ=+2 τ=+3

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β5. τ < 0

indicates pre-election years, τ = 0 indicates election years, and τ > 0 indicates post-election years. The index C

denotes county elections. Standard errors are clustered at the state level and are stated in brackets. *, **, and ***

indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.

Prediction 3: What are the consequences of election-induced lending?

To study whether election-induced lending has adverse effects on the performance of affected banks,

we start by tracking bank profitability over the electoral cycle in Table 7 (columns (A) through (E)

are for results with OLS and columns (F) through (J) for results with FE). Panel A holds estimates

from Regression 10 when applied to all elections in our sample. While most effects are statistically

insignificant at conventional levels, there is an anti-cyclical pattern with respect to election-induced

lending: In years that see increased savings-bank lending (the pre-election year and the election year

itself), the profitability of savings banks is lower than that of cooperative banks, while the opposite

is true in years where savings banks reduce their lending in response to elections (two to three years

after the election). Given the low statistical significance of these results, however, we should at most

interpret them as suggestive evidence.
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Table 8. Results for Prediction 3: Electoral effect on loan defaults
Dependent variable: Log of loan defaults normalized by total loans

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H) (I) (J)

Panel A: Results for all elections

Key regressors

- ELECC
st−τ ∗ Bb -0.001 0.000 -0.003 -0.011 0.003* -0.002 0.001 -0.000 -0.001 0.002

(0.003) (0.002) (0.003) (0.027) (0.001) (0.003) (0.001) (0.002) (0.001) (0.001)

- ELECC
st−τ -0.000 -0.001 0.001 -0.001 -0.001 0.000 -0.001 -0.000 -0.000 -0.000

(0.002) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.002) (0.001)

N 11,607 11,607 11,607 11,607 11,607 11,607 11,607 11,607 11,607 11,607

R2 0.205 0.205 0.205 0.205 0.205 0.133 0.137 0.135 0.134 0.138

Panel B: Results for contested elections with high incumbent entrenchment

Key regressors

- ELECC
st−τ ∗ Bb -0.005 -0.003 -0.005 0.006 0.014*** -0.008 -0.002 -0.002 0.007* 0.008**

(0.006) (0.003) (0.005) (0.003) (0.003) (0.007) (0.005) (0.004) (0.004) (0.003)

- ELECC
st−τ -0.003 -0.006** 0.001 -0.001 -0.003 -0.001 -0.006* -0.000 -0.004 -0.002

(0.003) (0.002) (0.003) (0.003) (0.003) (0.002) (0.003) (0.002) (0.002) (0.003)

N 1,650 1,650 1,531 1,530 1,580 1,650 1,650 1,531 1,530 1,580

R2 0.242 0.244 0.232 0.228 0.235 0.095 0.114 0.096 0.079 0.083

Controls

- Bank controls X X X X X X X X X X

- County controls X X X X X X X X X X

Fixed effects

- State FE X X X X X X X X X X

- Time FE X X X X X X X X X X

- Bank-type FE X X X X X X X X X X

- Bank FE – – – – – X X X X X

Year relative to election τ= 0 τ= 0/1 τ= 1/2 τ= 2/3 τ= 3/4 τ= 0 τ= 0/1 τ= 1/2 τ= 2/3 τ= 3/4

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β6. τ = 0

indicates election years, and τ > 0 indicates post-election year bundles. The index C denotes county elections.

Standard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate statistical

significance at the 10%, the 5%, and the 1% level, respectively.

Since the election effect on lending is strongest for elections with high electoral competition and

high incumbent entrenchment, we repeat the analysis for this very subsample in Panel B of Table 7.

The rationale for this is that any adverse effects of election-induced lending should be most visible in

counties that saw large spikes in lending. Indeed, starting with OLS results in the first five columns, we

observe that in four out of five years savings banks fare worse than cooperative banks. This difference

in performance is especially large and statistically significant at the 1% level in the two years prior

to county elections. This is consistent with savings banks having to pay a price for granting loan

applications they would have otherwise rejected for commercial reasons. Results for FE in the last five

columns, show a similar pattern. Notably, according to these estimates, savings banks appear to do

better than cooperative banks three years after the election, which likely reflects the remedial measures

(e.g., a self-imposed credit crunch) taken by affected savings banks in the aftermath of elections. For

better visibility, results for OLS are summarized in Figures 11 and 12.
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Figure 11. Results for Prediction 3: Electoral cycle in profitability
The bank profitability cycle for all county elections
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β5 when applied to the full sample. Dottet lines indicate 90% confidence

intervals. Time is measured on the abscissa.

Figure 12. Results for Prediction 3: Electoral cycle in profitability
The bank profitability cycle for contested county elections with high incumbent entrenchment
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β5 when applied to a subsample of contested elections with high incumbent

entrenchment. Dottet lines indicate 90% confidence intervals. Time is measured on the abscissa.

Contestedness is measured by C1.

Results for the second bank-performance measure under consideration – loan-default rates – are

summarized in Tables 8 and 9 (again, columns (A) through (E) are for results without bank fixed

effects, while columns (F) through (J) are for results with bank fixed effects). Our model predicts that

extra-marginal, election-induced lending is more prone to eventually become non-performing. We test

this hypothesis by tracking the loan-default rate of savings banks in the four years following a county

election. Recall that for this analysis we partition post-election years into two-year rolling averages
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Figure 13. Results for Prediction 3: Electoral cycle in loan defaults
The loan-default cycle for all county elections
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β6 when applied to the full sample. Dottet lines indicate 90% confidence

intervals. Time is measured on the abscissa.

Figure 14. Results for Prediction 3: Electoral cycle in loan defaults
The loan-default cycle for contested county elections with high incumbent entrenchment
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Notes: Results are for the main empirical specification (see Section 5.2). The solid line depicts

OLS estimates of β6 when applied to a subsample of contested elections with high incumbent

entrenchment. Dottet lines indicate 90% confidence intervals. Time is measured on the abscissa.

Contestedness is measured by C1.

because loans will not necessarily default in the year they were extended, which creates uncertainty

over the question if a given loan was granted in an election year or not.

We start by emulating the analysis on bank profitability and estimate the effect of county elections

on loan-default rates over time. Panel A of Table 8 provides results from Regression 11 when applied

to all elections in our sample. Judging from columns (A) through (E), elections do not seem to have an

immediate impact on non-performing loans, but there is evidence for a slight uptick for savings banks
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three to four years after an election. While the effect size is certainly small – suggesting an increase

of 0.3% in the loan-default rate – it is quite precisely estimated with an empirical p-value of 0.055.

Results for regressions with bank fixed effects are similar but lack statistical precision. According to

column (J), the 0.2% increase in the default rate three to four years after an election is only significant

at the 20% level.

Yet, as was the case for the measure of bank profitability, the sample of all elections is likely

too broad for our purpose, since it also includes cases that saw no measurable increase in election-

induced lending. For this reason, we re-run Regression 11 on the subsample of contested elections

with high incumbent entrenchment, as these are associated with the largest lending spikes. Results

are summarized in Panel B of Table 8 and confirm the earlier evidence that loan-default rates of

savings banks increase in the second half of an electoral cycle. Three to four years after elections, non-

performing loans increase by anywhere between 0.8% (FE estimate) and 1.4% (OLS estimate). Both

effects are statistically significant at conventional levels. There is even some evidence (for OLS at the

15% level and for FE at the 10% level) that loans start turning sour as early as two to three years after

the election. Again, we map OLS results into Figures 13 and 14 for visual convenience.

The fact that the impact on non-performing loans is especially pronounced in elections that are

associated with high degrees of election-induced lending, provides at least indirect evidence in fa-

vor of our model prediction. To establish a more direct link between the extra-marginal component

of election-year lending and eventual loan defaults, we apply Regression 13 to a sample of savings

banks. In this part of the analysis, the key regressor is our estimate of election-induced lending, L̂ELEC
ibst .

Results in Panel A of Table 9 come from a specification without additional covariates (apart from

those included in the main empirical specification described in Section 5.2). They suggest that the

election-induced component of savings-bank lending has adverse long-term consequences for loan per-

formance. According to OLS estimates, a 1% increase in election-induced lending leads to increases

of loan defaults of roughly 0.02% two to four years after the election. Effect sizes of FE estimates are

larger, albeit in the case of column (J) less precisely estimated (empirical p-value of 0.128).

To exclude the risk that our “election lending” measure may spuriously capture any generic short-

or long-term effects of lending, we sequentially add two additional control variables to Regression 13:

The estimate of the non-election-induced part of election-year lending is introduced in Panel B and

captures any long-term impact lending may have on future loans default rates in general. Panel C

holds estimates from a regression that is augmented with a measure of current lending to deal with

any time persistence in the credit behavior of banks. Panel D presents the most encompassing specifi-

cation that adds both covariates simultaneously. As the entries in columns (D) and (E) reveal, these

robustness checks reinforce the conclusion that extra-marginal “election loans” have a tendency to

begin underperforming roughly two to four years after the election took place. Effect sizes depend on

the specification used and vary between a 0.016% and a 0.058% increase in response to a 1% rise in

election-induced lending.
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Table 9. Results for Prediction 3: Effect of election-induced lending on loan defaults
Dependent variable: Log of loan defaults normalized by total loans

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H) (I) (J)

Panel A: No additional control variables

Key regressor

- L̂ELEC
ist−τ -0.009 -0.001 0.012 0.020* 0.017* -0.003 -0.002 0.011 0.058*** 0.030

(0.011) (0.011) (0.010) (0.010) (0.008) (0.024) (0.010) (0.015) (0.017) (0.018)

N 1,025 1,915 1,674 1,521 1,409 1,025 1,915 1,674 1,521 1,409

R2 0.236 0.195 0.212 0.242 0.204 0.055 0.123 0.110 0.119 0.117

Panel B: Control for estimated non-election-induced lending

Key regressor

- L̂ELEC
ist−τ -0.009 -0.003 0.011 0.017* 0.016 -0.003 -0.005 0.012 0.057*** 0.039*

(0.011) (0.011) (0.009) (0.009) (0.009) (0.024) (0.011) (0.015) (0.017) (0.019)

N 1,025 1,915 1,674 1,521 1,409 1,025 1,915 1,674 1,521 1,409

R2 0.236 0.196 0.212 0.244 0.204 0.055 0.141 0.106 0.122 0.072

Panel C: Control for current lending

Key regressor

- L̂ELEC
ist−τ -0.009 0.024 0.032* 0.042** 0.036*** -0.003 0.016 0.023 0.052*** 0.030*

(0.011) (0.022) (0.015) (0.015) (0.009) (0.024) (0.016) (0.016) (0.016) (0.017)

N 1,025 1,915 1,674 1,521 1,409 1,025 1,915 1,674 1,521 1,409

R2 0.236 0.196 0.214 0.245 0.208 0.055 0.141 0.119 0.106 0.117

Panel D: Control for estimated non-election-induced lending and current lending

Key regressor

- L̂ELEC
ist−τ -0.009 -0.003 0.033* 0.036*** 0.038*** -0.003 -0.005 0.027 0.049** 0.039**

(0.011) (0.011) (0.016) (0.011) (0.010) (0.024) (0.011) (0.016) (0.018) (0.016)

N 1,025 1,915 1,674 1,521 1,409 1,025 1,915 1,674 1,521 1,409

R2 0.236 0.196 0.214 0.245 0.208 0.055 0.141 0.113 0.112 0.076

Controls

- Bank controls X X X X X X X X X X

- County controls X X X X X X X X X X

Fixed effects

- State FE X X X X X X X X X X

- Time FE X X X X X X X X X X

- Bank FE – – – – – X X X X X

Year relative to election τ= 0 τ= 0/1 τ= 1/2 τ= 2/3 τ= 3/4 τ= 0 τ= 0/1 τ= 1/2 τ= 2/3 τ= 3/4

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates for β7. τ = 0

indicates election years, and τ > 0 indicates post-election year bundles. L̂ELEC
ist−τ is estimated election-induced

lending by savings banks in the election year. LPLAC
ist measures bank lending two years before the election. Standard

errors are clustered at the state level and are stated in brackets. *, **, and *** indicate statistical significance at

the 10%, the 5%, and the 1% level, respectively.

Research Question 1: Are lending and public spending substitutes or complements?

Results for our first more open-ended research question, whether politicians use savings-bank lending

and county public spending as substitutable or complementary policy levers, are summarized in Ta-

ble 10. Recall that, compared to the preceding results, this part of our analysis is of more suggestive

nature, as Regression 14 is unlikely to uncover any causal effects. Yet, we feel that parameter estimates

are still informative even if they merely represent conditional correlations.
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Table 10. Results for Research Question 1: Lending vs. public spending
Dependent variable: County average of savings-bank log loans normalized by total assets

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Interaction effect

- Gcst ∗ ELECC
st – – -0.004* – – -0.004**

(0.002) (0.002)

Main effect

- Gcst -0.022* -0.020** -0.019** -0.066 -0.007 0.005
(0.010) (0.008) (0.008) (0.038) (0.026) (0.018)

Controls

- County controls X X X X X X

Fixed effects

- State FE X X X X X X

- Time FE X X X X X X

- County FE – – – X X X

N 3,801 15,101 18,902 3,801 15,101 18,902

R2 0.372 0.373 0.365 0.009 0.012 0.345

Sample selection

- Election years X – X X – X

- Non-election years – X X – X X

Notes: Results are for the main empirical specification (see section 5.2). Depicted are estimates

for β8. Gcst denotes county government spending. Standard errors are clustered at the state

level and are stated in brackets. *, **, and *** indicate statistical significance at the 10%, the

5%, and the 1% level, respectively.

Starting with OLS results in the first three columns, it appears that savings-bank lending and

county spending are substitutes. This negative correlation between both policy instruments holds both

in election years and non-election years. If anything, the correlation is somewhat more negative in

election years. While this difference is certainly small, it is precisely estimated at the 10% level (see

column (C) that holds results for an interacted version of Regression 14). Results for FE are a bit less

conclusive: According to estimates in the final three columns, the negative correlation between both

policy levers is restricted to election years, whereas lending and spending seem independent from one

another in non-election years.35

This result is consistent with the interpretation that politicians focus on only one of the two in-

struments in election years. While the reasons for this specialization remain unclear, we take it as

reassuring evidence that additional public spending is not simply financed by savings banks. Such an

interpretation, which would imply a co-moving pattern of public spending and savings-bank lending,

would be a rather mundane explanation of our preceding findings.

35In further analysis not presented here, we have checked for heterogeneous results when looking at non-election years

individually. Since we have not detected any notable differences – such as an electoral cycle – we opted for this more concise

description of our findings. Similarly, we found no systematic differences when stratifying our sample along the dimension

of electoral competition.
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Table 11. Results for Research Question 2: County performance
Dependent variable: See panel headers

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D)

Dependent variable: V I
cst Dependent variable: L̂ELEC

ist

Pre-election year fundamentals

- Real GDP -0.107 0.291 -0.006** -0.002
(0.112) (0.182) (0.002) (0.003)

- Real GDP growth 1.535 1.858 -0.016 -0.043
(2.141) (2.516) (0.070) (0.060)

- Unemployment -0.324* -0.164 0.001 0.002
(0.183) (0.191) (0.002) (0.003)

- Unemployment growth -3.258** -7.148*** -0.024 -0.070
(1.486) (1.087) (0.042) (0.049)

N 6,046 6,046 2,741 2,741

R2 0.769 0.523 0.762 0.540

Fixed effects

- State FE X X X X

- Time FE X X X X

- Bank or county FE – X – X

Notes: Results are for the main empirical specification (see section 5.2). Depicted are esti-

mates for β9 (columns (A) and (B)) and β10 (columns (C) and (D)). V I
cst is incumbent vote

share and L̂ELEC
ist stands for the estimated election effect on savings bank lending. Macroe-

conomic fundamentals are measured as deviations from the current federal average. Stan-

dard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate

statistical significance at the 10%, the 5%, and the 1% level, respectively.

Research Question 2: What is the role of past economic county performance?

The second research question, concerning the role of pre-election macroeconomic fundamentals in

the political mechanism behind electoral lending cycles, is under consideration in Table 11. Results in

columns (A) and (B) establish that, on average, incumbents have to endure vote-share losses if the

economy in their county is underperforming (relative to the current federal average) in the run-up

to elections. Electoral success is especially sensitive to fluctuations in county unemployment (both in

absolute levels and in changes) but there is also weak evidence that GDP influences the decision of

voters: For instance, the first entry of column (B) is significant at the 15% level.

Results in columns (C) and (D) suggest that politicians appear to react to weak macroeconomic

fundamentals – and, by extension, to the increased risk of losing re-election – by pushing for more

lavish savings-bank lending. Our estimated measure of election-induced lending is significantly larger

if pre-election GDP is subpar (again, compared to the rest of Germany). This correlation becomes

insignificant, however, once we include bank fixed effects, which indicates that cross-county differ-

ences (rather than intertemporal fluctuations) are driving these results. Also, given the reduced-form

nature of this part of the analysis, we refrain from interpreting these findings as more than suggestive

evidence.
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7 Robustness

As mentioned above, results presented in Section 6 are based on the main empirical specification being

applied to an unbalanced sample that makes use of the maximum information available. To ensure

that conclusions are not driven by these choices, we perform a large battery of robustness checks to

gauge the immunity of our main results to varying the set of control variables, the degree of fixed-

effects saturations, the mode of statistical inference, the definition of key variables, and the sample

composition.

In total, we apply 20 alternative empirical specifications to the entire analysis in Section 6 (which

consists of 186 separate regressions). To maintain an acceptable degree of readability, however, we

refrain from presenting the results for all 20 · 186 = 3,720 regressions. Instead, we summarize re-

sults such that the three predictions and the two more open research questions are represented by

the following set of ten regressions. Since each of these is fitted twice (once with and once without

individual-specific fixed effects), the number of individual robustness exercises presented below is re-

duced to a still encompassing 20 · 20= 400.36 For better readability, all Tables with robustness results

are moved to Appendix B.

Prediction 1 is tested with Regression 6. The subsequent robustness results should therefore be com-

pared to those in columns (A) and (B) of Table 2.

Prediction 2 is tested by running Regression 6 in a sample of contested elections and a sample of

uncontested elections (where contestedness is measured with the C1 measure), mirroring the

analysis presented in columns (A), (B), (D), and (E) of Table 4.

Prediction 3 is tested by applying Regressions 10, and 11 to the subsample of contested elections

with high incumbent entrenchment for the years most relevant to our analysis: For the electoral

effect on profitability, we present results for the election year by setting τ = 0, which should

be compared to columns (B) and (G) of Panel B of Table 7. For the effect on loan defaults

we concentrate on the final years of each electoral cycle by setting τ = (2,3) and τ = (3,4).

Consequently, these results correspond to columns (D), (E), (I), and (J) of Panel B of Table 7.

Research Question 1 is assessed by fitting Regression 14 for election years and again for non-election

years. These results should be contrasted to columns (A), (B), (D), and (E) of Table 10.

Research Question 2 is assessed by Regressions 15 and 16, the results of which can be compared to

those in Table 11.

Results for the key parameters of these regressions are displayed in Tables B.1 through B.13. To

ease the comparison with results for the main specification, the latter are displayed in columns (A)

and (B) of each of these Tables. In summary, our three predictions are verified in all robustness runs,

making us confident that the election effects we uncovered are real. The evidence for the two open

36Note that because some of the robustness exercises are not applicable to all research questions, the effective number of

executed regressions for which we present results below is 348.

41



research questions is also favorable, albeit somewhat more mixed: While the direction of the estimates

does not systematically change, they are not always statistically significant at conventional levels. This

is a second reason – the reduced-form nature of this part of our analysis being the first one – why we

are hesitant to interpret this segment of our findings as more than strong suggestive evidence.

7.1 Alternative degrees of fixed-effects saturation

As explained above, the main specification does not include interactions between state, time and

bank-type fixed effects because this would have impeded part of the analysis in Section 6. To allow

for more rigorous non-parametric control, we increase the degree of fixed-effects saturation with the

following alternative specifications, labelled Rob1 and Rob2. Note that the starting point is the main

specification, which already controls for a full set of non-interacted bank-type, state, and time fixed

effects (Bb,S′s,T
′
t).

Alternative specification Rob1 adds a full set of state and time fixed-effect interactions (S′s ∗ T′t) to

non-parametrically control for time-varying unobservables. Since this will absorb the election

indicator ELECC
st , the electoral effects on lending, non-performing loans and the profitability of

savings banks are identified by ELECC
st ∗ Bb, which makes the inclusion of cooperative banks to the

working sample necessary.

Alternative specification Rob2 adds a full set of state, time, and bank-type fixed-effect interactions

(S′s ∗ T′t, Bb ∗ S′s, Bb ∗ T′t,) to additionally capture time-invariant state differences and nation-wide

time differences in the lending behaviors of savings and cooperative banks. Note that since Re-

search Questions 1 and 2 are assessed with county-level regressions that do not control for bank-

type fixed effects, Rob2 is not applicable to this part of our analysis.

Rob1 and Rob2 results for our three predictions are presented in Table B.1. While estimate coef-

ficients of the electoral effect on lending are slightly reduced by the inclusion of fixed-effects interac-

tions, they are still statistically significant at least at the 5% level (see Panel A). A similar observation

can be made for the role of electoral competition in Panel B: In all six specifications the electoral

lending effect is roughly twice as large as the average effect if the election is contested, and basically

zero if the election is uncontested. Robustness can also be confirmed for the adverse consequences of

electoral lending (Panel C). In all cases we find that profitability of savings banks is especially low in

years with close elections and high incumbent entrenchment. With the sole exception of Rob2 without

bank fixed-effects, these estimates are significant at least at the 5% level. Similarly, our result that loan

defaults increase towards the end of an electoral cycle in these types of counties are corroborated: Es-

pecially three to four years after the election, there is a clear uptick in non-performing credit that is,

once more, highly significant at least at the 5% level.

Table B.2 holds Rob1 results for our two research questions. The higher degree of fixed-effects

saturation barely moves results for the correlation between county public sending and savings-bank

lending, which is always negative, and stronger in election years (see Panel A). As was the case in
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the main specification, these estimates are not statistically significant at conventional levels when

using the FE estimator. Results for Research Question 2, presented in Panel B, are also fairly robust:

Incumbent vote share reacts negatively to pre-election unemployment (either in absolute levels or

growth rates), and the estimated electoral effect on lending is lower if county GDP prior to the election

is high compared to the respective federal average.

7.2 Alternative control variables

When choosing the elements of X′ibst, we have to address the trade-off between controlling for too

few variables (giving rise to omitted-variable bias) and controlling for intermediate outcomes (giving

rise to a bad-control problem). Recall that our main specification already addresses the issue of bad

control by using lagged quartile indicators of bank and county-specific variables, which should allevi-

ate the problem to a certain extent. For greater assurance that our conclusions are neither driven by

omitted-variable bias nor bad control, we test the stability of results to three additional alternative

specifications, Rob3, Rob4, and Rob5.

Alternative specification Rob3 has the rationale to make our controls less time variant. Rather than

eliminating time variation altogether (e.g., by using sample averages) we opt for rolling measures

that assign a constant value to each electoral cycle. For instance, in a state with county elections

every five years, these measures stay the same for five years and are only updated when the next

cycle is initiated. As the reference year we use the year following the election.37 This guarantees

that we pick up any long-term trend a bank may be subject to that sample averages would miss,

while avoiding to capture the effect of intermediate outcomes within an electoral cycle.

Alternative specification Rob4 uses the same rolling measures as described in Rob3 and adds bank

performance controls (profits and liquid assets) to X′ibst. In this we follow the suggestion of an

anonymous referee who was concerned that our main specification would not sufficiently model

counterfactual savings-bank lending.

Alternative specification Rob5 is a suggestion by another anonymous referee who – given the afore-

mentioned trade-off – was more concerned with the opposite risk of controlling for disallowed in-

termediate outcomes.38 Rob5 therefore does not contain any bank or county-specific time-varying

controls.

Rob3, Rob4, and Rob5 results for our three predictions are presented in Table B.3. The fact that

the conclusions remain very similar in all three alternative specifications suggests that the issue of bad

control – and that of omitted-variable bias, for that matter – is not very relevant in this context. While

37We chose the immediate post-election year because the systematic impact of elections on lending appears to be close to

zero (see our results in Section 6). Moreover, we verified that results are not sensitive to the choice of the actual reference

year.)
38It should be noted that the inclusion of additional observables in Rob4 could potentially magnify the problem of bad

control.
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estimates are barely moved by using less time-variant measures or by stacking39 the control vector

with additional variables, effect sizes are somewhat diminished in the absence of any time-varying

controls, but still highly statistically significant. Note that for reasons of runaway dimensionality, we

have not systematically tested all combinations of our 18 alternative specifications. Yet, given that

Rob2 (full fixed-effects saturation) and Rob5 (no time-varying bank or county controls) appear to

reduce parameter estimates the most, we have additionally combined these two elements to a specifi-

cation that should yield the most conservative assessment of our hypotheses. While effect sizes are in

fact lower than for most other specifications, they are still significant at roughly the 5% level.40

Since the main specification does not use time-varying bank or county control variables for Re-

search Questions 1 and 2, Rob3, Rob4, and Rob5 are not applicable to this part of our analysis.

7.3 Alternative modes of statistical inference

The next robustness analysis we present, assesses the stability of results to varying modes of statisti-

cal inference. The growing literature on cluster-robust inference (see Bertrand et al., 2004; Angrist

and Pischke, 2009; and Cameron and Miller, 2011 for an overview) highlights the importance of ac-

counting for regional clustering in panel data. This phenomenon implicates a violation of one of the

main assumptions traditionally imposed when working with cross-sectional data: the independence of

observations. While OLS will still be consistent, precision is likely overestimated if this issue is ignored.

If data has a group structure, independence may be violated for observations across banks that

are part of the same regional cluster. In this case, εi bst will contain some variation that is likely to be

common to banks in the same geographical area and year, for instance, a regional business cycle. An

obvious solution to this problem is to correct standard errors for clustering at the highest geographical

level at which these region-year shocks may occur. Our main empirical specification already accounts

for this by clustering standard errors at the state level. However this methodological fix poses a prob-

lem in our context because robust inference requires a large-enough number of clusters in order to

avoid wrongly sized standard errors. Since the 14 states in our sample fall short of the minimum

number of around 40 to 50 groups suggested in the literature (see Angrist and Pischke, 2009; and

Cameron and Miller, 2011), we apply two alternative methods of inference that correct for bias from

the low number of clusters.

Alternative specification Rob6 uses the wild cluster bootstrap-t procedure as suggested by Cameron

et al. (2008) without specifying a null hypothesis for regressors. The number of bootstrap repeti-

tions for each regression is set to 100.

39In an earlier working paper version of this article, Englmaier and Stowasser (2013), we have used an “everything but

the kitchen sink” approach and filled the control vector with all available time-varying observables (such as county public

debt, (un)employment, real earnings, firm creation, etc.). Even with this many additional controls, our results remained

very stable.
40For instance, the electoral effect on savings-bank lending as measured with Regression 6, is estimated as 0.009 (empirical

p-value of 0.039) with OLS and as 0.005 (empirical p-value of 0.053) with the FE estimator.
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Alternative specification Rob7 only differs from Rob6 in that we specifically test the null hypothesis

that the parameters of interest equal zero. The rationale for this additional specification is that

bootstrap results may greatly differ whether there is a null specified (see Cameron et al. (2008)

for details).

Rob6 and Rob7 results are summarized in Tables B.4 and B.5. Since the wild cluster bootstrap-t

procedure returns empirical p-values rather than corrected standard errors, both tables differ from the

others throughout the paper in that they report the empirical significance levels in brackets. Overall,

results are not moved by much when correcting for the low number of clusters. In some instances

empirical p-values decrease, while in others the opposite is the case. In the vast majority of cases, the

changes are only marginal and leave our conclusions about the statistical significance of effects intact.

Similarly, the differences stemming from additionally specifying null hypotheses for the regressors of

interest are only moderate and unsystematic.

7.4 Alternative definitions of variables

As mentioned in Section 4.4, our bank data is substantially right-skewed. We address this by normal-

izing the dependent variables as described in Section 5.2. Since this only partly eliminates the skew,

we additionally log-transform our data, which also eases the economic interpretation of estimates. To

demonstrate that this double transformation does not drive our results, we present alternative specifi-

cations where our dependent variables are only normalized or only log-linearized.

Another key variable whose definition we scrutinize, is the election indicator ELECC
st . In our main

specification it simply indicates whether a county election was held in year t. Given the nature of our

balance-sheet data, however, we cannot be fully sure if lending (whose stock is measured at year’s

end) was extended before or after the election. For example, if an election takes place in, say, January,

election-induced lending will have been extended in the previous year. For this reason, we experiment

with an alternative definition of ELECC
st to capture the time span most likely affected by the electoral

event.

Alternative specification Rob8 uses normalized dependent variables, without log-transforming them.

Loans are normalized by total assets, profits by equity, and non-performing loans by the overall

loan sum.

Alternative specification Rob9 uses log-transformed, non-normalized dependent variables.

Alternative specification Rob10 uses an election dummy, ELECC
st , that indicates an election in either

the last three quarters of the current year or the first quarter of the following year. As a conse-

quence, elections that occur early in a given year will be matched with the bank’s lending position

of the pre-election year.
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Rob8, Rob9, and Rob10 results for the three predictions are presented in Table B.6. Once again,

the electoral effect on lending proves remarkably robust.41 The same can be said about the effect

heterogeneity with respect to electoral contestedness. Note that effect sizes in columns (C) through

(F) cannot be directly compared to those from the main specification in columns (A) and (B), since

the economic interpretations stemming from the alternative definitions of the dependent variables

differ systematically. Results for the consequences of electoral lending in Panel C appear somewhat

weakened, as statistical significance is not always achieved at conventional levels, especially if the FE

estimator is used for identification. That being said, many of these estimates are only marginally in-

significant at the 10% level, leaving the interpretation of strong suggestive evidence for repercussions

of election-induced lending intact.

Table B.7 presents Rob8, Rob9, and Rob10 results for the first research question, which confirm

our main conclusions: Public spending and savings-bank lending appear to be substitutes – a rela-

tionship that appears somewhat stronger in election years. Again, results with bank-fixed effects are

(marginally) insignificant at conventional levels. Rob8 and Rob9 are not applicable to Research Ques-

tion 2, because the dependent variables are neither normalized nor log-transformed for this part of

the analysis. Rob10 is also not applicable because – unlike with the bank balance-sheet data – there is

no uncertainty about the timing of the respective dependent variables.

7.5 Alternative sample compositions

The main results from Section 6 come from the entire available data sample. As mentioned in Sec-

tion 4.1, our bank data is quite unbalanced since many banks, though having been active in the mar-

ket, only start to be documented in the database and hence enter the sample some time after 1993. At

the same time, the sample is subject to mild attrition that is due to mergers of banks within one class

(savings or cooperative banks). To ensure that results are not driven by these data characteristics, we

re-estimate our analysis on a completely balanced panel. Two additional robustness exercises reduce

the working sample to contiguous counties across border states. This follows the spirit of our illus-

trative example in Appendix A and should strengthen identification, as economic activity and other

unobservables in these counties are likely to be similar.42

To further assess the generality of results, we apply the robustness analysis to four subsamples

that individually exclude certain sets of states from the main sample: the East German states; the

three city states (Berlin, Bremen, and Hamburg); the three states that are on idiosyncratic time trends

(Hesse, Lower Saxony, and Schleswig-Holstein, see Section 4.4); and Bavaria, which happens to be

the state for which the electoral effect on lending is most pronounced. In a next step, we assure that

the results are not driven by outliers and separately remove the largest banks from our sample and

counties with unusually small and large savings-bank market shares, to investigate if our conclusions

41The sole exception is the first entry in column (F). With an empirical p-value of 0.110, however, the estimate only barely

misses significance at the 10% level.
42We are grateful to the editor and to an anonymous referee for this helpful suggestion.
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are insensitive to the regional dominance of savings banks relative to their competitors. Finally, we

exclude all cooperative banks from our sample. As argued in Section 5, we believe that the existence

of a comparable group of banks improves identification of the electoral effects on bank characteristics.

However, to provide evidence that results are not driven by cooperative-bank-specific factors, we re-

estimate the election effect when only exploiting cross-sectional and time differences between savings

banks.

Alternative specification Rob11 uses a completely balanced sample by only keeping banks for which

we have uninterrupted information between 1993 and 2009.43 This dataset consists of 289 sav-

ings banks (4,913 bank years) and 177 cooperative banks (3,009 bank years) and represents

roughly 32% of the original sample.

Alternative specification Rob12 reduces the working sample to counties that are located along state

borders. To achieve an adequate sample size we keep all counties that are located directly at a

border and counties that are immediately adjacent to those. This working sample leaves roughly

71% of the original dataset intact.

Alternative specification Rob13 follows the same spirit as Rob12 in a case-study type of exercise,

where we keep only those counties along the border of Bavaria and Baden-Württemberg (this

being the only such case study that produces sufficient observations for our estimations). Again,

the border corridor is defined as two adjacent counties. Given the small size of the resulting

working sample (16% of the original sample) and the low number of standard-error clusters

(just two states), statistical inference will obviously be very challenging in this specification.

Alternative specification Rob14 assesses the sensitivity of results to excluding the East German states.

The resulting working sample contains 95% of the original observations.

Alternative specification Rob15 drops the three German city states from the working sample, as they

may systematically differ from the more typical territorial states. This exercise only reduces the

working sample by roughly 1.5%.

Alternative specification Rob16 drops the states of Hesse, Lower Saxony, and Schleswig-Holstein, as

their savings-bank lending being on visibly different time tends than the rest of Germany may

be a concern for our DD identification strategy. The remaining sample keeps 87% of the original

observations.

Alternative specification Rob17 excludes all Bavarian observations, which results in a working sam-

ple that is 91% of its original size. We chose Bavaria because it is the state with most bank-year

observations and for which the electoral effect on lending appears strongest, hence its exclusion

representing the most conservative test of our analysis.44

43Note that in additional robustness checks not reported here, we have also experimented with earlier and later cut-off

points than 1993 to create balanced panels. Estimations based on these yield comparable conclusions.
44We established this result by sequentially excluding each of the 14 states from our dataset and gauging the sensitivity of

our estimates to this. It turns out that the state of Bavaria has the strongest influence in that respect.
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Alternative specification Rob18 removes all banks whose loan sums exceed EUR two billion, effec-

tively shedding the upper decile of banks from the sample. These are mainly banks that operate

in large cities such as Cologne, Munich, and Frankfurt. This working sample keeps roughly 89%

of the original dataset intact.

Alternative specification Rob19 only keeps counties in which the savings-bank sector is of compara-

ble size as the cooperative-bank sector. We achieve this by excluding the highest and the lowest

quartile of the distribution of the savings-bank versus cooperative-bank total asset ratio (mea-

sured at the county level). The remaining sample has roughly 49% of its original size.

Alternative specification Rob20 excludes all cooperative banks, resulting in a working sample that

keeps 43% of the original dataset.

Table B.8 displays Rob11, Rob12, and Rob13 results for our three predictions. As is evident from

column (C) and (D) of Panel A, the electoral effect on lending proves to be immune to even extreme

reductions in sample size: Based on banks that remained in the sample from 1993 to 2009, the OLS es-

timate of the increase in savings-bank lending amounts to 2.4% and is statistically significant at the 1%

level. The FE estimate is only marginally smaller and equally significant. Similarly, Predictions 2 and 3

are strongly confirmed with this balanced panel. The results from concentrating on all German border

counties are quite in line with those from the main specification. If anything, results for Prediction 3

become a bit weaker, which is partly due to less precision as sample sizes shrink. Results for the case

study about the counties at the border between Bavaria and Baden Württemberg are also encouraging.

While statistical significance at conventional levels fails more often than not, this is hardly surprising

given the fact that we cluster at the state level and there only remain two states in our sample. In

fact, most results are strongly significant once we impose less strict assumptions on the error structure

(such as county-level clustering). Importantly, effect sizes are roughly the same (if not larger) as in the

main specification, suggesting that our conclusions are not artifacts from comparing counties whose

unobservable characteristics make them inadequate matches.

Rob11, Rob12, and Rob13 results for the research questions are presented in Table B.9. While

a balanced sample confirms earlier results, the evidence is more mixed for specifications Rob12 and

Rob13. Even though the signs of our key estimates are mostly corroborated, effect sizes are often lower

and not always significant, suggesting that this part of the analysis is empirically not quite as robust

as the three predictions.

Results for the next batch of specifications (Rob14 through Rob17) are summarized in Tables B.10

(for the predictions) and B.11 (for the research questions). They suggest that our main conclusions are

unlikely driven by regional effects. While results are almost unchanged by the exclusion of city states

and the former GDR territory, they become even stronger when ignoring the states whose lending

trends appear out of sync with the rest of Germany. Even if we exclude Bavaria, estimates for our

predictions are barely moved. Again, Rob17 results for the two research questions prove to be less

strong, but hardly abysmal, as statistical significance is generally still at least close to the 10% level.
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Finally, Tables B.12 and B.13 present Rob18, Rob19 and Rob20 results for the predictions and

research questions, respectively. As was the case throughout the paper, our predictions are validated,

suggesting that the observed phenomena are not driven by a few “power players” in the banking

sector. Similarly, while the presence of cooperative banks as a comparison group clearly has a positive

impact on effect sizes, the identification of these effects does not hinge on contrasting the lending

behavior of both types of banks. Results for the two research questions are in line with what we found

in the main specification, the sole exception being the first entry in column (E) of Panel A, which is no

longer statistically significant. Specification Rob20 is not applicable to our research questions because

the regressions of interest are at the savings-bank level (Research Question 1) or at the county level

(Research Question 2), so cooperative banks were not used for identification in the first place.

8 Conclusion

We provide evidence for election-induced lending cycles in Germany – a country that is often praised

for its strong institutional environment. German law stipulates the active involvement of county-level

politicians in the management of local savings banks. Exploiting the rich cross-sectional and intertem-

poral variation in our data, we find that excess lending only occurs before county election, only in

counties in which elections are held at this point in time, and only for savings banks as opposed to not

politically controlled cooperative banks.

This election-induced lending effect is very robust to alternative empirical specifications (the choice

of estimators, the degree of fixed-effects saturation, the mode of statistical inference, the choice of

controls, the definition of key variables, and the composition of the sample). Furthermore, the fact

that we control for macroeconomic variables at the county level, and that we do not find effects for

state elections or among cooperative banks, renders the results unlikely to be driven by credit demand,

underlining the politically induced nature of the uncovered pattern.

The lending distortions are economically meaningful and seem to be socially costly: Bank prof-

itability decreases in election years and loan defaults follow a cycle that peaks roughly three years

after an election. This pattern is strongly suggestive of extra-marginal, election-induced loans having

a higher risk of default during their remaining term. This has implications for the current discussion

about the future of banking regulation in Europe. Under the prevailing policy, German savings banks

are, due to their size, exempt from supervision by the European Central Bank – a decision Germany

lobbied for but that appears disputable in the light of our findings.

A closer look at the political-economy aspects of our findings reveals that the lending cycle is most

pronounced in counties where the ruling party faces a close re-election race, which likely reflects

stronger incentives to resort to inefficient policies if the incumbent is fighting for political survival.

This result complements the findings of Akhmedov and Zhuravskaya (2004) who show that trans-

parency, voter awareness, and the maturity of a democracy are important in determining the scope for

opportunistic political cycles. While their argument rests on the assumption that electoral competition
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is helpful in keeping political tinkering in check, we make the opposite observation. We thereby pro-

vide an example for a generally beneficial institutional feature (a sound electoral system that allows

for electoral competition) that may have catalytic, adverse consequences when paired with another

institutional feature (county politician’s control over savings banks) of less obvious merit.

To gain a better understanding of the underlying channels behind our results, we explore two

additional research questions: First, we document that, from a policy-lever perspective, savings-bank

lending and county public spending appear to be used as substitutes by local politicians. This is in

line with incumbents forming (situation-specific) preferences over which policy instruments to em-

ploy to secure re-election. Understanding the drivers of this specialization in the use of policy tools –

the relative tightness of budget constraints faced by county governments and savings banks, respec-

tively, comes to mind – is an interesting subject for future research. Second, we study the role of past

economic county performance in shaping the political mechanism behind electoral lending cycles. We

find that subpar pre-election county performance, in particular with respect to local unemployment

and GDP, hurts re-election prospects and increases the intensity of lending cycles.
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A Illustrative example of our identification strategy

Figure A.1. Map of the cities of Ulm and Neu-Ulm
Location of savings banks and cooperative banks

Ulm
State of Baden-Württemberg

Neu-Ulm
State of Bavaria

Notes: Depicted is a map of the German cities of Ulm and Neu-Ulm. The red and blue-orange

emblems denote the location of savings banks and cooperative banks in these counties, respectively.

Source: Google Maps.

To further illustrate the identification strategy, consider the following example:

Figure A.1 depicts a map of the cities of Ulm (situated in the state of Baden-Württemberg) and Neu-Ulm
(located in the state of Bavaria), which – historically as well as geographically – can be interpreted as one
county that is arbitrarily divided by the Danube river (highlighted in blue). In our sample, we observe
the savings bank Sparkasse Ulm (marked by the red savings bank emblem north-west of the river) over
time, which enables us to compare its lending behavior in election years to that in off-election years.
Additionally, we can contrast its credit policy with that of Sparkasse Neu-Ulm-Illertissen, a Bavarian
savings bank that is literally a stone’s throw away (depicted by the red emblem south-east of the river):
Since intervals between county elections are different for the two states in question, we are able to
exploit information from years during which both cities, neither of the cities, and either one of the two
cities face an election. On top of that, we can contrast savings bank loans for any given year with those
of politically unconnected cooperative banks Volksbank Ulm-Biberach and Volksbank Neu-Ulm, marked
by blue-orange cooperative-bank emblems. Extending this analysis to the 379 counties in our sample,
arguably provides us with a sound characterization of what counterfactual lending in the absence of
elections would look like.
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B Robustness Analysis: Tables
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Table B.1. Robustness analysis: Alternative FE saturations (Predictions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016*** 0.013*** 0.015*** 0.012** 0.013*** 0.008**

(0.004) (0.004) (0.004) (0.004) (0.004) (0.003)

N 12,269 12,269 12,269 12,269 12,269 12,269

R2 0.250 0.023 0.276 0.000 0.299 0.000

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034*** 0.023*** 0.031** 0.022** 0.021** 0.017**

(0.010) (0.007) (0.011) (0.009) (0.007) (0.007)

N 4,968 4,968 4,968 4,968 4,968 4,968

R2 0.368 0.004 0.407 0.010 0.442 0.013

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.001 -0.003 0.005 0.001

(0.006) (0.006) (0.005) (0.005) (0.005) (0.003)

N 7,282 7,282 7,282 7,282 7,282 7,282

R2 0.182 0.013 0.206 0.005 0.226 0.003

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181*** -0.069** -0.232*** -0.124*** -0.086 -0.135**

(0.025) (0.024) (0.057) (0.026) (0.075) (0.051)

N 1,740 1,740 1,740 1,740 1,740 1,740

R2 0.143 0.037 0.188 0.050 0.295 0.087

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.006* 0.005* 0.008** 0.003

(0.003) (0.004) (0.003) (0.003) (0.002) (0.002)

N 1,530 1,530 1,530 1,530 1,530 1,530

R2 0.228 0.079 0.307 0.097 0.338 0.095

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.013*** 0.008** 0.017*** 0.014**

(0.003) (0.003) (0.004) (0.004) (0.004) (0.003)

N 1,580 1,580 1,580 1,580 1,580 1,580

R2 0.235 0.083 0.310 0.087 0.347 0.059

Bank FE – X – X – X

Empirical specification Main Main Rob1 Rob1 Rob2 Rob2

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in

the other columns are for alternative specifications Rob1 (adds the full set of state and time FE interactions)

and Rob2 (adds the full set of state, time, and bank-type FE interactions). Estimates in Panel A correspond to

columns (A) and (B) of Table 2; estimates in Panel B to columns (A), (B), (D), and (E) of Table 4; and estimates

in Panel C to columns (B) and (G) of Panel B of Table 7, and columns (D), (E), (I), and (J) of Panel B of Table 8,

respectively. Standard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate

statistical significance at the 10%, the 5%, and the 1% level, respectively.
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Table B.2. Robustness analysis: Alternative FE saturations (Research questions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Panel A: Research Question 1 (Bank lending vs. public spending)

Dependent variable: Savings-bank lending (county average); Sample: Election years

Key regressor: Gdst -0.022* -0.066 -0.023** -0.071 N.a. N.a.
(0.010) (0.038) (0.010) (0.041)

N 3,801 3,801 3,801 3,801 N.a. N.a.

R2 0.372 0.009 0.383 0.010 N.a. N.a

Dependent variable: Savings-bank lending (county average); Sample: Non-election years

Key regressor: Gdst -0.020** -0.007 -0.022** -0.018 N.a. N.a.
(0.008) (0.026) (0.007) (0.019)

N 15,101 15,101 15,101 15,101 N.a. N.a.

R2 0.373 0.012 0.409 0.001 N.a. N.a.

Panel B: Research Question 2 (Role of past county performance)

Dependent variable: Incumbent vote share; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.107 0.291 -0.248 0.170 N.a. N.a.
(0.112) (0.182) (0.138) (0.137)

- Real GDP growth 1.535 1.858 0.517 1.009 N.a. N.a.
(2.141) (2.516) (2.484) (2.588)

- Unemployment -0.324* -0.164 -0.414** -0.157 N.a. N.a.
(0.183) (0.191) (0.165) (0.195)

- Unemployment growth -3.258** -7.148*** 0.568 -4.493*** N.a. N.a.
(1.486) (1.087) (0.823) (0.848)

N 6,046 6,046 6,046 6,046 N.a. N.a.

R2 0.769 0.523 0.789 0.082 N.a. N.a.

Dependent variable: Estimated election effect on lending; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.006** -0.002 -0.007** -0.003** N.a. N.a.
(0.002) (0.003) (0.003) (0.001)

- Real GDP growth -0.016 -0.043 -0.002 -0.027 N.a. N.a.
(0.070) (0.060) (0.073) (0.062)

- Unemployment 0.001 0.002 0.001 0.001 N.a. N.a.
(0.002) (0.003) (0.002) (0.003)

- Unemployment growth -0.024 -0.070 -0.009 -0.042 N.a. N.a.
(0.042) (0.049) (0.037) (0.046)

N 2,741 2,741 2,741 2,741 N.a. N.a.

R2 0.762 0.540 0.765 0.535 N.a. N.a.

Bank or county FE – X – X – X

Empirical specification Main Main Rob1 Rob1 Rob2 Rob2

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in

the other columns are for alternative specifications Rob1 (adds the full set of state and time FE interactions)

and Rob2 (adds the full set of state, time, and bank-type FE interactions). Estimates in Panel A correspond

to columns (A), (B), (D), and (E) of Table 10; and estimates in Panel B to Table 11. “N.a.” denotes non-

applicability of Rob2 due to county-level regressions (no bank-type FE). Standard errors are clustered at

the state level and are stated in brackets. *, **, and *** indicate statistical significance at the 10%, the 5%,

and the 1% level, respectively.
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Table B.3. Robustness analysis: Alternative control variables (Predictions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016*** 0.013*** 0.018*** 0.013*** 0.017*** 0.013*** 0.012*** 0.012***

(0.004) (0.004) (0.005) (0.004) (0.005) (0.004) (0.002) (0.002)

N 12,269 12,269 12,302 12,302 12,297 12,297 18,942 18,942

R2 0.250 0.023 0.252 0.008 0.252 0.008 0.242 0.008

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034*** 0.023*** 0.034*** 0.022** 0.033*** 0.022** 0.021*** 0.013**

(0.010) (0.007) (0.010) (0.008) (0.010) (0.008) (0.007) (0.005)

N 4,968 4,968 4,980 4,980 4,978 4,978 7,691 7,691

R2 0.368 0.004 0.370 0.012 0.370 0.012 0.390 0.021

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.006 -0.002 0.006 -0.002 0.006 0.004

(0.006) (0.006) (0.006) (0.005) (0.006) (0.005) (0.004) (0.003)

N 7,282 7,282 7,303 7,303 7,300 7,300 11,232 11,232

R2 0.182 0.013 0.193 0.004 0.195 0.003 0.143 0.007

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181*** -0.069** -0.173*** -0.076*** -0.137*** -0.073*** -0.168** -0.114***

(0.025) (0.024) (0.025) (0.015) (0.033) (0.017) (0.063) (0.036)

N 1,740 1,740 1,744 1,744 1,739 1,739 2,779 2,779

R2 0.143 0.037 0.160 0.006 0.207 0.007 0.211 0.183

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.008** 0.006* 0.007** 0.006 0.004 0.004

(0.003) (0.004) (0.003) (0.003) (0.003) (0.003) (0.003) (0.004)

N 1,530 1,530 1,535 1,535 1,529 1,529 2,264 2,264

R2 0.228 0.079 0.259 0.034 0.260 0.026 0.173 0.088

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.013*** 0.008** 0.013*** 0.008** 0.008*** 0.005*

(0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.002) (0.003)

N 1,580 1,580 1,585 1,585 1,579 1,579 2,210 2,210

R2 0.235 0.083 0.262 0.010 0.264 0.011 0.175 0.095

Bank FE – X – X – X – X

Empirical specification Main Main Rob3 Rob3 Rob4 Rob4 Rob5 Rob5

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob3 (bank and county controls are rolling measures that assign a

constant value to each electoral cycle), Rob4 (like Rob3 with additional bank performance controls), and Rob5 (no

bank or county controls). Estimates in Panel A correspond to columns (A) and (B) of Table 2; estimates in Panel B

to columns (A), (B), (D), and (E) of Table 4; and estimates in Panel C to columns (B) and (G) of Panel B of Table 7,

and columns (D), (E), (I), and (J) of Panel B of Table 8, respectively. Standard errors are clustered at the state

level and are stated in brackets. *, **, and *** indicate statistical significance at the 10%, the 5%, and the 1% level,

respectively.
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Table B.4. Robustness analysis: Alternative modes of statistical inference (Predictions)
Dependent variable: See table panels

Regression coefficients
(Empirical p-values in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016*** 0.013*** 0.016*** 0.013*** 0.016** 0.013*

(0.002) (0.003) (0.000) (0.000) (0.020) (0.090)

N 12,269 12,269 12,269 12,269 12,269 12,269

R2 0.250 0.023 0.250 0.023 0.250 0.023

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034*** 0.023*** 0.034*** 0.023*** 0.034*** 0.023**

(0.007) (0.009) (0.000) (0.000) (0.000) (0.020)

N 4,968 4,968 4,968 4,968 4,968 4,968

R2 0.368 0.004 0.368 0.004 0.368 0.004

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.004 -0.002 0.004 -0.002

(0.557) (0.689) (0.540) (0.880) (0.500) (0.660)

N 7,282 7,282 7,282 7,282 7,282 7,282

R2 0.182 0.013 0.182 0.013 0.182 0.013

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181*** -0.069** -0.181** -0.069** -0.181** -0.069**

(0.000) (0.011) (0.020) (N.a.) (0.020) (N.a)

N 1,740 1,740 1,740 1,740 1,740 1,740

R2 0.143 0.037 0.143 0.037 0.143 0.037

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.006 0.007** 0.006** 0.007*

(0.102) (0.083) (0.240) (N.a.) (0.040) (N.a.)

N 1,530 1,530 1,530 1,530 1,530 1,530

R2 0.228 0.079 0.228 0.079 0.228 0.079

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.014*** 0.008** 0.014*** 0.008**

(0.000) (0.003) (0.000) (N.a.) (0.000) (N.a.)

N 1,580 1,580 1,580 1,580 1,580 1,580

R2 0.235 0.083 0.235 0.083 0.235 0.083

Bank FE – X – X – X

Empirical specification Main Main Rob6 Rob6 Rob7 Rob7

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob6 (inference based on wild cluster bootstrap t-procedure

without imposing the null) and Rob7 (inference based on wild cluster bootstrap t-procedure with imposing the

null). Estimates in Panel A correspond to columns (A) and (B) of Table 2; estimates in Panel B to columns (A),

(B), (D), and (E) of Table 4; and estimates in Panel C to columns (B) and (G) of Panel B of Table 7, and columns

(D), (E), (I), and (J) of Panel B of Table 8, respectively. “N.a.” denotes that due to the high number of fixed

effects and the relatively low number of observations, our statistical software was unable to calculate empirical

p-values. Alternatively we present 95% confidence intervals based on the empirical distribution of coefficients

from the bootstrap iterations: When no null hypothesis is specified, the confidence intervals for bank profitability,

loan defaults in τ = 2/3, and loan defaults in τ = 3/4 are, respectively, [−0.110;−0.029], [0.001;0.014], and

[0.003; 0.014]. When the null is specified, the confidence intervals are [−0.117;−0.021], [−0.000; 0.015], and

[0.001; 0.015]. These results suggest that the corresponding significance levels are in line with what we found in

our main empirical specification. Standard errors are clustered at the state level and empirical p-values are stated

in brackets. *, **, and *** indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.
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Table B.5. Robustness analysis: Alternative modes of statistical inference (Research questions)
Dependent variable: See table panels

Regression coefficients
(Empirical p-values in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F)

Panel A: Research Question 1 (Bank lending vs. public spending)

Dependent variable: Savings-bank lending (county average); Sample: Election years

Key regressor: Gdst -0.022* -0.066 -0.022** -0.066 -0.022* -0.066
(0.055) (0.112) (0.040) (0.180) (0.080) (0.240)

N 3,801 3,801 3,801 3,801 3,801 3,801

R2 0.372 0.009 0.372 0.009 0.372 0.009

Dependent variable: Savings-bank lending (county average); Sample: Non-election years

Key regressor: Gdst -0.020** -0.007 -0.020* -0.007 -0.020* -0.007
(0.031) (0.796) (0.100) (0.940) (0.080) (0.920)

N 15,101 15,101 15,101 15,101 15,101 15,101

R2 0.373 0.012 0.373 0.012 0.373 0.012

Panel B: Research Question 2 (Role of past county performance)

Dependent variable: Incumbent vote share; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.107 0.291 -0.107 0.291 -0.107 0.291*
(0.355) (0.134) (0.300) (0.300) (0.220) (0.080)

- Real GDP growth 1.535 1.858 1.535 1.858 1.535 1.858
(0.486) (0.473) (0.540) (0.400) (0.580) (0.280)

- Unemployment -0.324* -0.164 -0.324* -0.164 -0.324* -0.164
(0.100) (0.407) (0.060) (0.320) (0.060) (0.460)

- Unemployment growth -3.258** -7.148*** -3.258 -7.148** -3.258 -7.148***
(0.047) (0.000) (0.300) (0.020) (0.600) (0.000)

N 6,046 6,046 6,046 6,046 6,046 6,046

R2 0.769 0.523 0.769 0.523 0.769 0.523

Dependent variable: Estimated election effect on lending; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.006** -0.002 -0.006** -0.002 -0.006 -0.002
(0.029) (0.566) (0.020) (0.400) (0.120) (0.560)

- Real GDP growth -0.016 -0.043 -0.016 -0.043 -0.016 -0.043
(0.817) (0.487) (0.800) (0.620) (0.760) (0.540)

- Unemployment 0.001 0.002 0.001 0.002 0.001 0.002
(0.686) (0.573) (0.580) (0.520) (0.520) (0.620)

- Unemployment growth -0.024 -0.070 -0.024 -0.070 -0.024 -0.070
(0.586) (0.175) (0.580) (0.320) (0.580) (0.460)

N 2,741 2,741 2,741 2,741 2,741 2,741

R2 0.762 0.540 0.762 0.540 0.762 0.540

Bank or county FE – X – X – X

Empirical specification Main Main Rob6 Rob6 Rob7 Rob7

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob6 (inference based on wild cluster bootstrap t-procedure

without imposing the null) and Rob7 (inference based on wild cluster bootstrap t-procedure with imposing the

null). Estimates in Panel A correspond to columns (A), (B), (D), and (E) of Table 10; and estimates in Panel B

to Table 11. Standard errors are clustered at the state level and empirical p-values are stated in brackets. *, **,

and *** indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.
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Table B.6. Robustness analysis: Alternative variable definitions (Predictions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016*** 0.013*** 0.011*** 0.009*** 0.081*** 0.016 0.016** 0.012***

(0.004) (0.004) (0.003) (0.002) (0.026) (0.009) (0.006) (0.004)

N 12,269 12,269 12,269 12,269 12,269 12,269 10,871 10,871

R2 0.250 0.023 0.240 0.012 0.809 0.716 0.262 0.002

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034*** 0.023*** 0.022*** 0.015** 0.122*** 0.026* 0.032** 0.022**

(0.010) (0.007) (0.007) (0.005) (0.040) (0.013) (0.013) (0.008)

N 4,968 4,968 4,968 4,968 4,968 4,968 4,468 4,468

R2 0.368 0.004 0.342 0.001 0.815 0.612 0.385 0.018

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.003 -0.002 0.041 0.008 0.004 -0.001

(0.006) (0.006) (0.004) (0.004) (0.028) (0.010) (0.006) (0.004)

N 7,282 7,282 7,282 7,282 7,282 7,282 6,384 6,384

R2 0.182 0.013 0.179 0.006 0.804 0.713 0.195 0.000

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181*** -0.069** -0.007** -0.001 -0.075* -0.065** -0.268*** -0.081

(0.025) (0.024) (0.003) (0.005) (0.038) (0.029) (0.066) (0.114)

N 1,740 1,740 1,763 1,763 1,745 1,745 1,571 1,571

R2 0.143 0.037 0.091 0.035 0.601 0.064 0.149 0.051

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.001* 0.001 0.044 0.131 -0.004 -0.002

(0.003) (0.004) (0.000) (0.001) (0.075) (0.075) (0.006) (0.004)

N 1,530 1,530 1,530 1,530 1,530 1,530 1,570 1,570

R2 0.228 0.079 0.179 0.024 0.594 0.306 0.229 0.101

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.001** 0.001 0.307*** 0.159** 0.007* 0.007

(0.003) (0.003) (0.000) (0.000) (0.052) (0.070) (0.004) (0.004)

N 1,580 1,580 1,580 1,580 1,580 1,580 1,571 1,571

R2 0.235 0.083 0.180 0.037 0.594 0.281 0.231 0.089

Bank FE – X – X – X – X

Empirical specification Main Main Rob8 Rob8 Rob9 Rob9 Rob10 Rob10

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob8 (dependent variable not logged), Rob9 (dependent variable

not normalized), and Rob10 (alternative election dummy that indicates an election in either the last two quarters

of the current year or the first two quarters of the following year). Estimates in Panel A correspond to columns

(A) and (B) of Table 2; estimates in Panel B to columns (A), (B), (D), and (E) of Table 4; and estimates in

Panel C to columns (B) and (G) of Panel B of Table 7, and columns (D), (E), (I), and (J) of Panel B of Table 8,

respectively. Standard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate

statistical significance at the 10%, the 5%, and the 1% level, respectively.
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Table B.7. Robustness analysis: Alternative variable definitions (Research questions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Research Question 1 (Bank lending vs. public spending)

Dependent variable: Savings-bank lending (county average); Sample: Election years

Key regressor: Gdst -0.022* -0.066 -0.015* -0.035 0.859*** -0.388 -0.025** -0.053
(0.010) (0.038) (0.007) (0.022) (0.213) (0.225) (0.011) (0.038)

N 3,801 3,801 3,801 3,801 3,801 3,801 3,648 3,648

R2 0.372 0.009 0.350 0.008 0.350 0.109 0.416 0.000

Dependent variable: Savings-bank lending (county average); Sample: Non-election years

Key regressor: Gdst -0.020** -0.007 -0.014** -0.004 0.840*** -0.160 -0.017* 0.006
(0.008) (0.026) (0.005) (0.015) (0.236) (0.102) (0.008) (0.031)

N 15,101 15,101 15,101 15,101 15,101 15,101 14,250 14,250

R2 0.373 0.012 0.350 0.010 0.329 0.002 0.366 0.014

Panel B: Research Question 2 (Role of past county performance)

Dependent variable: Incumbent vote share; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.107 0.291 N.a. N.a. N.a. N.a. N.a. N.a.
(0.112) (0.182)

- Real GDP growth 1.535 1.858 N.a. N.a. N.a. N.a. N.a. N.a.
(2.141) (2.516)

- Unemployment -0.324* -0.164 N.a. N.a. N.a. N.a. N.a. N.a.
(0.183) (0.191)

- Unemployment growth -3.258** -7.148*** N.a. N.a. N.a. N.a. N.a. N.a.
(1.486) (1.087)

N 6,046 6,046 N.a. N.a. N.a. N.a. N.a. N.a.

R2 0.769 0.523 N.a. N.a. N.a. N.a. N.a. N.a.

Dependent variable: Estimated election effect on lending; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.006** -0.002 N.a. N.a. N.a. N.a. N.a. N.a.
(0.002) (0.003)

- Real GDP growth -0.016 -0.043 N.a. N.a. N.a. N.a. N.a. N.a.
(0.070) (0.060)

- Unemployment 0.001 0.002 N.a. N.a. N.a. N.a. N.a. N.a.
(0.002) (0.003)

- Unemployment growth -0.024 -0.070 N.a. N.a. N.a. N.a. N.a. N.a.
(0.042) (0.049)

N 2,741 2,741 N.a. N.a. N.a. N.a. N.a. N.a.

R2 0.762 0.540 N.a. N.a. N.a. N.a. N.a. N.a.

Bank or county FE – X – X – X – X

Empirical specification Main Main Rob8 Rob8 Rob9 Rob9 Rob10 Rob10

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the other

columns are for alternative specifications Rob8 (dependent variable not logged), Rob9 (dependent variable not

normalized), and Rob10 (alternative election dummy that indicates an election in either the last two quarters of

the current year or the first two quarters of the following year). Estimates in Panel A correspond to columns (A),

(B), (D), and (E) of Table 10; and estimates in Panel B to Table 11. “N.a.” denotes non-applicability of Rob8 and

Rob10 because the dependent variables were neither logged nor normalized in the main specification; and non-

applicability of Rob9 because there is no uncertainty over the timing of the dependent variable. Standard errors

are clustered at the state level and are stated in brackets. *, **, and *** indicate statistical significance at the 10%,

the 5%, and the 1% level, respectively.
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Table B.8. Robustness analysis: Alternative samples 1 (Predictions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016*** 0.013*** 0.024*** 0.020*** 0.014** 0.011** 0.021* 0.019

(0.004) (0.004) (0.006) (0.005) (0.005) (0.004) (0.002) (0.006)

N 12,269 12,269 6,514 6,514 8,748 8,784 1,955 1,955

R2 0.250 0.023 0.244 0.044 0.304 0.020 0.173 0.107

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034*** 0.023*** 0.046*** 0.037*** 0.029** 0.022** 0.038 0.030

(0.010) (0.007) (0.009) (0.010) (0.012) (0.009) (0.013) (0.013)

N 4,968 4,968 2,973 2,973 3,685 3,685 775 775

R2 0.368 0.004 0.363 0.029 0.415 0.005 0.237 0.158

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.004 -0.003 0.002 -0.005 0.010 0.014

(0.006) (0.006) (0.009) (0.005) (0.006) (0.006) (0.015) (0.028)

N 7,282 7,282 3,531 3,531 5,044 5,044 1,180 1,180

R2 0.182 0.013 0.192 0.017 0.225 0.022 0.154 0.059

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181*** -0.069** -0.297*** -0.183** -0.204*** -0.070 -0.157* -0.081

(0.025) (0.024) (0.071) (0.068) (0.023) (0.049) (0.016) (0.051)

N 1,740 1,740 957 957 1,227 1,227 758 758

R2 0.143 0.037 0.233 0.048 0.148 0.070 0.136 0.028

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.009*** 0.009*** 0.001 0.004 -0.003 0.002

(0.003) (0.004) (0.003) (0.002) (0.003) (0.005) (0.003) (0.004)

N 1,530 1,530 915 915 1,125 1,125 681 681

R2 0.228 0.079 0.236 0.079 0.230 0.068 0.255 0.084

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.009 0.007 0.010** 0.005 0.008 0.003

(0.003) (0.003) (0.005) (0.005) (0.005) (0.005) (0.003) (0.003)

N 1,580 1,580 943 943 1,155 1,155 685 685

R2 0.235 0.083 0.246 0.092 0.230 0.049 0.265 0.063

Bank FE – X – X – X – X

Empirical specification Main Main Rob11 Rob11 Rob12 Rob12 Rob13 Rob13

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob11 (balanced sample), Rob12 (sample of counties along

state borders), and Rob13 (sample of counties along state border between Bavaria and Baden-Württemberg).

Estimates in Panel A correspond to columns (A) and (B) of Table 2; estimates in Panel B to columns (A), (B),

(D), and (E) of Table 4; and estimates in Panel C to columns (B) and (G) of Panel B of Table 7, and columns

(D), (E), (I), and (J) of Panel B of Table 8, respectively. Standard errors are clustered at the state level and

are stated in brackets. *, **, and *** indicate statistical significance at the 10%, the 5%, and the 1% level,

respectively.
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Table B.9. Robustness analysis: Alternative samples 1 (Research questions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Research Question 1 (Bank lending vs. public spending)

Dependent variable: Savings-bank lending (county average); Sample: Election years

Key regressor: Gdst -0.022* -0.066 -0.023* -0.077 -0.010 -0.093* 0.063 -0.205
(0.010) (0.038) (0.012) (0.063) (0.008) (0.043) (0.075) (0.229)

N 3,801 3,801 1,203 1,203 2,702 2,702 656 656

R2 0.372 0.009 0.382 0.000 0.451 0.023 0.276 0.023

Dependent variable: Savings-bank lending (county average); Sample: Non-election years

Key regressor: Gdst -0.020** -0.007 -0.024** -0.029 -0.146* -0.019 0.015 -0.036
(0.008) (0.026) (0.008) (0.028) (0.007) (0.022) (0.059) (0.045)

N 15,101 15,101 4,807 4,807 10,781 10,781 2,385 2,385

R2 0.373 0.012 0.393 0.000 0.447 0.003 0.207 0.012

Panel B: Research Question 2 (Role of past county performance)

Dependent variable: Incumbent vote share; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.107 0.291 -0.032 0.431* -0.320 0.310 -1.709* -1.270
(0.112) (0.182) (0.182) (0.208) (0.312) (0.235) (0.222) (0.200)

- Real GDP growth 1.535 1.858 -1.428 -1.532 0.630 -0.025 5.548** 2.892
(2.141) (2.516) (5.348) (4.642) (2.681) (2.785) (0.260) (7.381)

- Unemployment -0.324* -0.164 -0.151 -0.090 -0.400 -0.158 -0.170 -0.539
(0.183) (0.191) (0.137) (0.151) (0.262) (0.229) (0.272) (0.592)

- Unemployment growth -3.258** -7.148*** -6.307*** -10.755*** -2.324 -5.545** 4.503 2.319
(1.486) (1.087) (1.612) (1.851) (2.539) (1.874) (1.874) (3.015)

N 6,046 6,046 1,648 1,648 4,437 4,437 1,079 1,079

R2 0.769 0.523 0.699 0.467 0.782 0.560 0.840 0.664

Dependent variable: Estimated election effect on lending; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.006** -0.002 -0.005* -0.002 -0.011 -0.001 -0.031 -0.016**
(0.002) (0.003) (0.003) (0.003) (0.007) (0.008) (0.006) (0.001)

- Real GDP growth -0.016 -0.043 -0.025 -0.092 0.036 -0.028 -0.071 0.015
(0.070) (0.060) (0.066) (0.077) (0.082) (0.080) (0.162) (0.092)

- Unemployment 0.001 0.002 -0.000 0.001 -0.000 0.002 -0.004 0.003
(0.002) (0.003) (0.002) (0.002) (0.003) (0.003) (0.013) (0.014)

- Unemployment growth -0.024 -0.070 -0.002 -0.049 0.042 -0.029 0.033 -0.168
(0.042) (0.049) (0.046) (0.053) (0.039) (0.055) (0.134) (0.112)

N 2,741 2,741 1,398 1,398 1,949 1,949 449 449

R2 0.762 0.540 0.796 0.602 0.761 0.502 0.747 0.713

Bank or county FE – X – X – X – X

Empirical specification Main Main Rob11 Rob11 Rob12 Rob12 Rob13 Rob13

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob11 (balanced sample), Rob12 (sample of counties along state

borders), and Rob13 (sample of counties along state border between Bavaria and Baden-Württemberg). Estimates

in Panel A correspond to columns (A), (B), (D), and (E) of Table 10; and estimates in Panel B to Table 11. Standard

errors are clustered at the state level and are stated in brackets. *, **, and *** indicate statistical significance at the

10%, the 5%, and the 1% level, respectively.
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Table B.10. Robustness analysis: Alternative samples 2 (Predictions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H) (I) (J)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016***0.013***0.015*** 0.013*** 0.016*** 0.014** 0.018*** 0.015*** 0.014** 0.011**

(0.004) (0.004) (0.004) (0.004) (0.004) (0.004) (0.004) (0.004) (0.006) (0.004)

N 12,269 12,269 11,652 11,652 12,134 12,134 10,680 10,680 9,345 9,345

R2 0.250 0.023 0.082 0.023 0.251 0.028 0.259 0.026 0.290 0.033

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034***0.023*** 0.028** 0.021** 0.035***0.024***0.042*** 0.027*** 0.032** 0.022**

(0.010) (0.007) (0.011) (0.008) (0.011) (0.007) (0.009) (0.007) (0.013) (0.010)

N 4,968 4,968 4,522 4,522 4,877 4,877 4,103 4,103 4,284 4,284

R2 0.368 0.004 0.107 0.015 0.369 0.013 0.388 0.004 0.397 0.004

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.007 0.000 0.003 -0.002 0.002 -0.002 -0.001 -0.008

(0.006) (0.006) (0.006) (0.005) (0.007) (0.006) (0.007) (0.007) (0.008) (0.005)

N 7,282 7,282 7,111 7,111 7,238 7,238 6,558 6,558 5,042 5,042

R2 0.182 0.013 0.090 0.019 0.182 0.013 0.184 0.010 0.222 0.040

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181***-0.069**-0.192***-0.079***-0.177***-0.069**-0.199***-0.084***-0.184***-0.102***

(0.025) (0.024) (0.035) (0.020) (0.026) (0.025) (0.026) (0.021) (0.022) (0.025)

N 1,740 1,740 1,587 1,587 1,724 1,724 1,678 1,678 1,324 1,324

R2 0.143 0.037 0.153 0.030 0.140 0.032 0.138 0.033 0.136 0.033

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.005 0.005 0.006 0.006* 0.005 0.006 0.003 0.005

(0.003) (0.004) (0.003) (0.003) (0.003) (0.003) (0.004) (0.004) (0.002) (0.003)

N 1,530 1,530 1,394 1,394 1,520 1,520 1,462 1,462 1,239 1,239

R2 0.228 0.079 0.212 0.124 0.224 0.064 0.233 0.071 0.233 0.086

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.012*** 0.005*** 0.014*** 0.008** 0.015*** 0.009** 0.014*** 0.009*

(0.003) (0.003) (0.001) (0.001) (0.003) (0.003) (0.003) (0.004) (0.004) (0.004)

N 1,580 1,580 1,444 1,444 1,569 1,569 1,500 1,500 1,269 1,269

R2 0.235 0.083 0.229 0.115 0.233 0.075 0.241 0.080 0.233 0.089

Bank FE – X – X – X – X – X

Empirical specification Main Main Rob14 Rob14 Rob15 Rob15 Rob16 Rob16 Rob17 Rob17

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the other

columns are for alternative specifications Rob14 (sample excluding East German states), Rob15 (sample excluding city

states), Rob16 (sample excluding Bavaria), and Rob17 (sample excluding states on idiosyncratic time trends). Estimates

in Panel A correspond to columns (A) and (B) of Table 2; estimates in Panel B to columns (A), (B), (D), and (E) of

Table 4; and estimates in Panel C to columns (B) and (G) of Panel B of Table 7, and columns (D), (E), (I), and (J) of

Panel B of Table 8, respectively. Standard errors are clustered at the state level and are stated in brackets. *, **, and ***

indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.
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Table B.11. Robustness analysis: Alternative samples 2 (Research questions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H) (I) (J)

Panel A: Research Question 1 (Bank lending vs. public spending)

Dependent variable: Savings-bank lending (county average); Sample: Election years

Key regressor: Gdst -0.022* -0.066 -0.021* -0.034 -0.022* -0.066 -0.030** -0.083 -0.024 -0.089*
(0.010) (0.038) (0.011) (0.028) (0.010) (0.038) (0.011) (0.045) (0.016) (0.042)

N 3,801 3,801 3,642 3,642 3,801 3,801 3,241 3,241 2,851 2,851

R2 0.372 0.009 0.178 0.001 0.372 0.009 0.350 0.002 0.436 0.011

Dependent variable: Savings-bank lending (county average); Sample: Non-election years

Key regressor: Gdst -0.020** -0.007 -0.017* 0.007 -0.020** -0.007 -0.025** 0.010 -0.025** -0.033*
(0.008) (0.026) (0.008) (0.025) (0.008) (0.026) (0.009) (0.029) (0.009) (0.170)

N 15,101 15,101 14,534 14,534 15,101 15,101 13,053 13,053 11,636 11,636

R2 0.373 0.012 0.178 0.000 0.373 0.012 0.365 0.003 0.459 0.004

Panel B: Research Question 2 (Role of past county performance)

Dependent variable: Incumbent vote share; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.107 0.291 -0.210 0.264 -0.092 0.303 -0.177 0.281 -0.210 0.478
(0.112) (0.182) (0.120) (0.166) (0.105) (0.201) (0.102) (0.183) (0.247) (0.314)

- Real GDP growth 1.535 1.858 2.882 1.999 1.497 1.780 2.306 1.247 1.303 0.187
(2.141) (2.516) (1.893) (2.475) (2.193) (2.575) (1.920) (2.124) (2.887) (2.466)

- Unemployment -0.324* -0.164 -0.400* -0.172 -0.332 -0.162 -0.316* -0.103 -0.284 -0.131
(0.183) (0.191) (0.183) (0.221) (0.187) (0.194) (0.144) (0.171) (0.232) (0.233)

- Unemployment growth-3.258**-7.148***-3.650**-7.228***-3.206* -6.975***-3.829**-7.134***-4.184***-7.859***
(1.486) (1.087) (1.242) (1.051) (1.542) (1.162) (1.312) (1.183) (1.303) (0.890)

N 6,046 6,046 5,829 5,829 5,996 5,996 5,305 5,305 4,711 4,711

R2 0.769 0.523 0.764 0.526 0.769 0.530 0.787 0.404 0.780 0.563

Dependent variable: Estimated election effect on lending; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.006** -0.002 -0.006** -0.002 -0.007**-0.004***-0.004* -0.001 -0.009 0.002
(0.002) (0.003) (0.002) (0.003) (0.003) (0.001) (0.002) (0.003) (0.005) (0.005)

- Real GDP growth -0.016 -0.043 0.019 -0.012 -0.010 -0.032 -0.019 -0.032 0.030 -0.028
(0.070) (0.060) (0.064) (0.058) (0.073) (0.063) (0.074) (0.061 (0.079) (0.068)

- Unemployment 0.001 0.002 0.001 0.000 0.001 0.002 0.002 0.002 -0.001 0.001
(0.002) (0.003) (0.002) (0.003) (0.002) (0.003) (0.002) (0.003) (0.002) (0.003)

- Unemployment growth -0.024 -0.070 -0.053 -0.081 -0.033 -0.088* -0.040 -0.090 -0.006 -0.056
(0.042) (0.049) (0.035) (0.052) (0.041) (0.044) (0.042) (0.045) (0.053) (0.055)

N 2,741 2,741 2,597 2,597 2,709 2,709 2,420 2,420 2,112 2,112

R2 0.762 0.540 0.767 0.667 0.765 0.573 0.764 0.528 0.767 0.527

Bank or county FE – X – X – X – X – X

Empirical specification Main Main Rob14 Rob14 Rob15 Rob15 Rob16 Rob16 Rob17 Rob17

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob14 (sample excluding East German states), Rob15 (sample

excluding city states), Rob16 (sample excluding Bavaria), and Rob17 (sample excluding states on idiosyncratic

time trends). Estimates in Panel A correspond to columns (A), (B), (D), and (E) of Table 10; and estimates in Panel

B to Table 11. Standard errors are clustered at the state level and are stated in brackets. *, **, and *** indicate

statistical significance at the 10%, the 5%, and the 1% level, respectively.
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Table B.12. Robustness analysis: Alternative samples 3 (Predictions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Prediction 1 (Electoral effect on lending)

Dependent variable: Bank lending; Sample: All observations

Key regressor: ELECC
st ∗ Bb 0.016*** 0.013*** 0.015*** 0.012** 0.017* 0.018*** 0.008** 0.007**

(0.004) (0.004) (0.004) (0.004) (0.007) (0.006) (0.003) (0.003)

N 12,269 12,269 10,874 10,874 5,242 5,242 5,220 5,220

R2 0.250 0.023 0.262 0.006 0.245 0.023 0.438 0.004

Panel B: Prediction 2 (Role of electoral competition)

Dependent variable: Bank lending; Sample: Contested elections

Key regressor: ELECC
st ∗ Bb 0.034*** 0.023*** 0.032** 0.019** 0.037** 0.030*** 0.012* 0.012**

(0.010) (0.007) (0.011) (0.006) (0.012) (0.010) (0.006) (0.005)

N 4,968 4,968 4,190 4,190 2,239 2,239 2,225 2,225

R2 0.368 0.004 0.384 0.000 0.342 0.047 0.545 0.004

Dependent variable: Bank lending; Sample: Uncontested elections

Key regressor: ELECC
st ∗ Bb 0.004 -0.002 0.004 -0.001 0.001 -0.002 0.003 0.001

(0.006) (0.006) (0.006) (0.006) (0.011) (0.008) (0.003) (0.003)

N 7,282 7,282 6,668 6,668 2,991 2,991 2,988 2,988

R2 0.182 0.013 0.195 0.002 0.213 0.004 0.339 0.011

Panel C: Prediction 3 (Consequences of election-induced lending)

Dependent variable: Bank profitability; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st ∗ Bb -0.181*** -0.069** -0.131*** -0.013 -0.203*** -0.063 -0.054 -0.091**

(0.025) (0.024) (0.028) (0.033) (0.034) (0.036) (0.038) (0.040)

N 1,740 1,740 1,562 1,562 789 789 794 794

R2 0.143 0.037 0.125 0.031 0.167 0.065 0.324 0.187

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−2/3 ∗ Bb 0.006 0.007* 0.007** 0.007** 0.003 0.001 0.006*** 0.004

(0.003) (0.004) (0.003) (0.003) (0.009) (0.008) (0.002) (0.002)

N 1,530 1,530 1,375 1,375 706 706 751 751

R2 0.228 0.079 0.212 0.065 0.263 0.114 0.252 0.059

Dependent variable: Bank loan defaults; Sample: Contested elections with entrenched incumbents

Key regressor: ELECC
st−3/4 ∗ Bb 0.014*** 0.008** 0.015*** 0.009** 0.009** 0.005 0.013*** 0.010***

(0.003) (0.003) (0.003) (0.004) (0.003) (0.003) (0.001) (0.001)

N 1,580 1,580 1,416 1,416 723 723 777 777

R2 0.235 0.083 0.221 0.067 0.257 0.085 0.273 0.048

Bank FE – X – X – X – X

Empirical specification Main Main Rob18 Rob18 Rob19 Rob19 Rob20 Rob20

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the other

columns are for alternative specifications Rob18 (sample excluding large banks (highest decile)), Rob19 (sample

excluding counties with unusually small and large savings-bank market shares (highest and lowest quartile)), and

Rob20 (sample excluding cooperative banks). Estimates in Panel A correspond to columns (A) and (B) of Table 2;

estimates in Panel B to columns (A), (B), (D), and (E) of Table 4; and estimates in Panel C to columns (B) and (G)

of Panel B of Table 7, and columns (D), (E), (I), and (J) of Panel B of Table 8, respectively. Standard errors are

clustered at the state level and are stated in brackets. *, **, and *** indicate statistical significance at the 10%,

the 5%, and the 1% level, respectively.
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Table B.13. Robustness analysis: Alternative samples 3 (Research questions)
Dependent variable: See table panels

Regression coefficients
(Robust standard errors in brackets)

Explanatory variables (A) (B) (C) (D) (E) (F) (G) (H)

Panel A: Research Question 1 (Bank lending vs. public spending)

Dependent variable: Savings-bank lending (county average); Sample: Election years

Key regressor: Gdst -0.022* -0.066 -0.022** -0.085* -0.016 -0.110 N.a. N.a.
(0.010) (0.038) (0.010) (0.043) (0.014) (0.062)

N 3,801 3,801 3,539 3,539 1,845 1,845 N.a. N.a.

R2 0.372 0.009 0.375 0.012 0.391 0.003 N.a. N.a.

Dependent variable: Savings-bank lending (county average); Sample: Non-election years

Key regressor: Gdst -0.020** -0.007 -0.019** -0.008 -0.016 -0.036 N.a. N.a.
(0.008) (0.026) (0.008) (0.031) (0.021) (0.037)

N 15,101 15,101 14,055 14,055 7,296 7,296 N.a. N.a.

R2 0.373 0.012 0.376 0.017 0.391 0.001 N.a. N.a.

Panel B: Research Question 2 (Role of past county performance)

Dependent variable: Incumbent vote share; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.107 0.291 -0.112 0.271 0.168 0.895 N.a. N.a.
(0.112) (0.182) (0.120) (0.212) (0.976) (0.761)

- Real GDP growth 1.535 1.858 2.420 2.961 3.554 2.118 N.a. N.a.
(2.141) (2.516) (1.909) (2.555) (2.340) (4.143)

- Unemployment -0.324* -0.164 -0.369* -0.196 0.079 0.095 N.a. N.a.
(0.183) (0.191) (0.188) (0.198) (0.162) (0.250)

- Unemployment growth -3.258** -7.148*** -2.886* -6.745*** -8.030** -13.573*** N.a. N.a.
(1.486) (1.087) (1.416) (0.978) (2.995) (3.025)

N 6,046 6,046 5,709 5,709 2,329 2,329 N.a. N.a.

R2 0.769 0.523 0.774 0.510 0.729 0.507 N.a. N.a.

Dependent variable: Estimated election effect on lending; Sample: Election years

Key regressors (All pre-election year values):

- Real GDP -0.006** -0.002 -0.008** -0.002* -0.019** -0.005 N.a. N.a.
(0.002) (0.003) (0.003) (0.001) (0.007) (0.007)

- Real GDP growth -0.016 -0.043 -0.026 -0.031 -0.028 -0.042 N.a. N.a.
(0.070) (0.060) (0.078) (0.074) (0.057) (0.052)

- Unemployment 0.001 0.002 0.001 0.003 0.002 0.001 N.a. N.a.
(0.002) (0.003) (0.002) (0.003) (0.003) (0.003)

- Unemployment growth -0.024 -0.070 -0.037 -0.091 -0.007 -0.088 N.a. N.a.
(0.042) (0.049) (0.042) (0.052) (0.055) (0.062)

N 2,741 2,741 2,436 2,436 1,151 1,151 N.a. N.a.

R2 0.762 0.540 0.769 0.555 0.777 0.627 N.a. N.a.

Bank or county FE – X – X – X – X

Empirical specification Main Main Rob18 Rob18 Rob19 Rob19 Rob20 Rob20

Notes: Results in columns (A) and (B) are for the main empirical specification (see section 5.2). Results in the

other columns are for alternative specifications Rob18 (sample excluding large banks (highest decile)), Rob19

(sample excluding counties with unusually small and large savings-bank market shares (highest and lowest

quartile)), and Rob20 (sample excluding cooperative banks). Estimates in Panel A correspond to columns (A),

(B), (D), and (E) of Table 10; and estimates in Panel B to Table 11. “N.a.” denotes non-applicability of Rob20

because the main specification was either on the savings-bank level or the county level (i.e. cooperative banks

were not used for identification in the first place). Standard errors are clustered at the state level and are stated

in brackets. *, **, and *** indicate statistical significance at the 10%, the 5%, and the 1% level, respectively.
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